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Charter Organizations’ Effects on Student
Learning

The purpose of this portion of the study is to compare the impact on student
achievement of attending a charter school which is part of a charter management
organization (CMO) or an education management organization (EMO) to that of
attending an independent charter school or a traditional public school.

The majority of charter schools in America exist as independent stand-alone
organizations. The operations of these charter schools are governed by the laws of
the state in which they are located and the particular specifications of their
charters. However, some charter schools exist in the context of a larger
management organization. In addition to state policies, these charter schools are
also governed by the policies of their charter organization, ranging from hiring
practices to purchasing to instructional practices. The extent to which the
organization policies will affect the operations of the charter school is a
characteristic of each charter organization. Some organizations are highly
prescriptive, whereas, others are much more relaxed.

The two most common types of these organizations are CMOs and EMOs. For the
purposes of this study, a CMO network is defined as an organization with at least
three schools in which the network operates the schools directly. Alternatively, an
EMO network is one which has secured contractual agreements from the governing
boards of participating charter schools to operate the schools. Organizations that
contract for management of certain services only (special education services, HR,
financial records, etc.), do not meet the definition for either CMO or EMO. In cases
where some schools within the network are operated directly while others were only
managed, each school was coded separately based on its relationship with the
network. Both for-profit and nonprofit operators are included. The definitions of
CMO and EMO are not dependent on for-profit/non-profit status.

An additional classification of super-network was also created to identify federations
of independent networks which operate under a larger national manager. KIPP
would be an example of a super-network as each KIPP regional cluster of schools is
managed somewhat independently from other KIPP regions, but still under the
guidance of a central national authority. In the case of school within super-
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networks, performance was analyzed at both the network and the super-network
level. *

The theory of action for this study is that charter schools which are part of a larger
organization can extract a variety of benefits from being part of that organization.
For example by belonging to a charter network, newly opened charter schools may
benefit from institutional memory or economies of scale which are unavailable to
the independent charter school. It is the goal of the study to determine if these
benefits lead to improved student growth over attending a TPS or traditional charter
school.

To determine the impact on student growth coming from attendance at a charter
network school, this study first identified students who attend a CMO or an EMO
affiliated school. The growth of these students was compared to that of traditional
public school (TPS) students using CREDO’s virtual control record (VCR) method.
The analyses also included models to determine the marginal effect of attending a
network charter as compared to attending non-network charter schools.

Analytic Approach The purpose of this study is to determine the impact of charter
school organizations, specifically CMO networks and EMO companies, on student
achievement. To this purpose, we compare the performance of students attending
charter schools which are part of these organizations to students attending charter
schools which are not in these organizations and to that of the VCR comparisons.

1 For this analysis, super-networks such as KIPP are treated as multiple regional networks
and a separate national network. The national network only includes those schools which
are not part of a regional subnet. In the super-network analyses, the super-network
includes all the super-network’s schools from all regional subnets and national as well.
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Figure 1: Organizational Structure of Schools in CMO Study

All
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Charter
Schools

Independent Charter

Non-CMO network schools

|
CMO network schools

The purpose of this study is not to sort through the specific practices of thousands
of charter schools to find the “one best way”. Instead, we hope to first determine if
some charter organizations excel at improving student growth. Once we determine
which charter organizations are having success in increasing student growth, we
want to shine a spot-light on those organizations to point parents and charter
authorizers in the direction of both high performing and low performing charter
organizations with the idea that they can then evaluate the characteristics and
practices of those organizations to determine what are creating the levels of growth
found there.

Data Preparation Identifying CMOs across the United States is far from simple.
We were greatly aided by the assistance of the National Alliance for Public Charter
Schools and the Center for Reinventing Public Education who agreed to share their
own lists with us. We also contacted state charter school associations and state
education agency charter school offices in an effort to integrate all possible sources.

This study of charter school organizations contains data from 3.7 million student
observations from across 23 states, New York City, and Washington DC. In those
25 locales, we were able to identify 167 CMOs operating a total of 1372 schools.
The study also includes 410 schools with EMO affiliations. While the sheer size of
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this study ensures stability and power to detect network effects at a national level,
readers should always be cognizant of that the sample when looking at state or
network breakouts is likely to be quite different. Readers should not simply apply
the single national result to all locations and situations. Indeed, the variation
across locations or networks in a vital part of the story.. For a complete list of
student counts, states, and years included, please see the technical appendix.

It is important to note that our ability to include data from each school in our
partner states is influenced by the number of available years of student data. We
refer to this as the “data window.” Our data window begins in 2005-06 and ends in
2009-10. In order to compute a growth period, we require two consecutive years
of data. Therefore, schools which opened in 2009-10 or later will not be included in
this analysis as they did not have any growth scores.

Additionally, the number of growth periods that we observe depends not only on
the schools’ opening years, as indicated in the above tables, but also on the grade
levels offered. If schools open one grade at a time, or “slow grow,” they may be
excluded from our analysis during their initial year of operation due to insufficient
numbers of tested students. If they open with Kindergarten and grow annually by
one grade, for example, elementary schools may not have test data available for
the first several years of operation.

Effect Sizes This study relies on the statistical estimation of the performance of
individual students based on student level data. We use statistical regression to
compute the average student learning gain, after controlling for individual student
characteristics as detailed below. Once the impact of these influential factors have
been controlled for, we are able to compare the growth of students across multiple
levels such as by race or charter school type. Additional technical details of our
matching and modeling approach are available in the technical appendix.

Charter School Networks For the purposes of this study, the major difference
between the CMO and EMO charter schools is the degree of oversight exercised by
the network over the school. CMO networks are those which directly manage the
schools within their network. CMOs have the ultimate executive authority over
their schools: they may decide to shut them down. Further, it is expected that
schools within a CMO will gain institutional knowledge from other schools within the
network. EMOs provide operations and management to the schools within their
network, but the individual schools are the ones who choose the affiliation and the
EMO does not hold the charter for the school. In addition to differences in
governance, the contractual nature of the EMO relationship can be expected to
result in a range of arrangements, expectations and performance requirements.
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For example, CMOs do not tend to articulate explicit performance standards;
whereas, these are more common in EMO contracts. Thus, one might anticipate
greater variance in EMO performance, all else being equal.

The math data set contained 575,004 CMO charter students compared to 249,515
charter students who attended an EMO school.? Data for this study included
students attending schools in 167 different CMO networks. The 410 EMO schools
were affiliated with 38 different companies. It is worth noting that 13 CMOs had
affiliations with an EMO.

We constructed statistical models to evaluate the learning impact for students of
attending a school which was part of a CMO network or an EMO.3 Our foundational
model included controls for student characteristics such a standardized baseline
measure of academic achievement, race/ethnicity, special education, participation
in the free and reduced lunch program, status as an English language learner,
student grade, and whether the student had been retained. Additionally, we
included indicators for each state and an indicator if the student scores were likely
affected by Hurricane Katrina in August 2005. This base model was modified to
focus on particular aspects of charter schooling such as membership in a particular
CMO network.

To test the effectiveness of CMOs and EMOs on student learning, we use the
corresponding learning gains that occur in traditional public schools that the charter
school students would have attended if not enrolled in the charter schools. We use
a technique known as Virtual Control Records (VCRs) to create a matched control
for each charter school student. Each charter school student's VCR is an
amalgamation of several real traditional public school students who are identical on
all observable characteristics but receive their schooling in the alternate setting.
The technique allows us to create a "virtual twin" to use as the counterfactual when
testing the effects of charter school enrollment on learning. The VCR is explained in
detail in the technical appendix.

We report our results in standard deviation units, which are scaled around a mid-
score of zero. The use of standard deviation units allows us to overcome
differences in test scales over time or across states. Where a result is negative, it
signifies that the growth is relatively smaller than the comparison. And where the

2 There were 46,152 students who were enrolled in a school which was both CMO and EMO.
These students were included in both totals given here.

3 As the measures used in these analyses are based on state proficiency instruments which
like all tests contain an element of measurement error, we conducted the regression
analyses using Stata’s errors in variables regression (eivreg) command

4 We could not control for student gender in our models as it was not available for all states.
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result is positive, the growth we are examining is larger than the comparison. For
this study, our basic comparison is the average learning gains that occurred for the
virtual twins in the traditional public schools.
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Charter Management Organizations Results

There are two reasons why it is useful to examine the composite picture of Charter
Management Organization (CMO) performance. First, we are interested in the
pooled results of this subset of the charter school sector to see if CMOs are creating
better learning gains for their students than would have been achieved if the
students had enrolled instead in TPS. Second, we seek insight about a divide within
the charter school community about the preferred course of growing both the size
and the quality of the sector; is it better to support the development of single
schools that might lead to replication or is it better to encourage replication of the
existing stock of schools into CMOs? Only in the aggregate analysis can these
questions be fairly addressed.

As can be seen in Figure 2, students who attend charter schools associated with a
CMO experience academic growth significantly stronger in math but weaker in
reading compared to students who attend non-CMO charter schools. These
differences were both statistically significant. Further by adding the effect for
charters and for CMOs, we can determine that students attending CMO affiliated
charters have growth significantly different from students attending a TPS. While
these numbers are significant, they are also very small in absolute value. The
differences are -0.005 standard deviations lower in math and 0.005 standard
deviations higher in reading compared to TPS students.

Figure 2: Average One-Year Learning Gains in Charter CMOs and Charter Non-
CMOs Relative to Traditional Public School Gains.

0.100**
0.080** non-CMO vs TPS Math
0.060** CMO vs TPS Math
0.040™ E non-CMO vs TPS
0.020** Reading
0.007** 0.005** = CMO vs TPS

0.000** i I VS

-0.005** Reading
-0.020** 0.032**
-0.040**
-0.060**
-0.080**
-0.100**

Math Reading
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In math, while the CMOs are stronger relative to independent charter schools, the
effect is not sufficient to erase the negative average affect for charters, so the
resulting comparison with TPS is negative. In the case of reading, the opposite
occurs: poorer performance relative to independent charter schools is not enough
as to erase a positive comparison with TPS schools overall.

CMO Impact on Learning by Years of Enrollment Another question of interest
posits whether CMO or charter school students have better learning over time as
they continue their enrollment? In order to explore these time dependent effects of
attending charter schools, we examine the growth of students based on their
number of years in a charter school. Figure 3 shows the results of this analysis.
Students who attend a CMO charter school not only have stronger average growth
than students who attend a non-CMO charter school, but the growth of CMO charter
students increases more as they spend more years in the school than does the
growth of students attending non-CMO charter schools. These results are
presented relative to the baseline of the gains of the VCR peers in TPS, which are
represented as the baseline of zero in the figure.

Figure 3: Average Growth by Year of Enrollment in Charter Schools for CMO and
non-CMO students, Math and Reading Relative to Average Growth for TPS Peers

0.20

0.15 0.15**
¢ 0.10
0 0.09**
u‘(‘)_’ 0.05 Math Growth CMO
e 0.05* Math Growth Non-CMO
S 0.03** —#—Read Growth CMO
@ 0.00 - 7 ' ' ' =l=Read Growth Non-CMO

-0.05

-0.10

1 2 3 4
Years in Charter

These results indicate that while charter school students show an initial drop in
learning gains, students move in their second year to positive gains relative to TPS.
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After four years in a CMO charter school, students’ growth is .15 standard
deviations higher than the comparable TPS students in math and .09 standard
deviations higher in reading. These differences were significant in both math and
reading. The growth of CMO students in the fourth year of charter attendance is
also larger than the growth of non-CMO students. The difference between CMO and
non-CMO students with four years of charter school enrollment is significant for
both subjects. This means that on average students who attended CMO charters
for four years have stronger growth than TPS students and non-CMO charter
students in both reading and math.

CMO Affiliation by State Do CMO network affiliated schools perform differently in
different states? The statistical analysis to address this question included variables
to control for state to state differences in performance as well as variables to
indicate attendance in a CMO affiliated charter and for attending non-CMO charter
schools. Results of the analyses for math and reading are shown in Table 1.
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Table 1: CMO Affiliation by State, Growth Effects

State CMO Math non-CMO CMO/ non- non-CMO CMO/ non-
Math CcMO Read CcMO
Difference Difference
AR 0.01 -0.01 0.02 0.05** -0.01 0.06**
AZ -0.11** -0.02** -0.09** -0.07** -0.00 -0.06**
CA 0.02** -0.04%** 0.06** 0.05** 0.01** 0.04**
co -0.05%* -0.00 -0.05%* -0.01 0.00 -0.01*
DC 0.15** 0.09** 0.06** 0.08** 0.07** 0.01
FL 0.01* -0.01 0.02** 0.01** -0.02** 0.02**
GA -0.08** -0.02%** -0.06** -0.00 0.02** -0.02**
i 0.02** 0.01 0.01 0.01* 0.03** -0.01
IN 0.06** 0.06** -0.01 0.02** 0.07** -0.05%*
LA 0.09** 0.10%** -0.01 0.08** 0.08** -0.01
MA 0.25** 0.06** 0.19** 0.09** 0.03** 0.06**
Mi 0.04** 0.06** 0.02** 0.04** 0.05** -0.01**
MN -0.18** -0.01 -0.17** -0.08** 0.01 -0.09**
MO -0.12** 0.06** -0.18** -0.11** 0.06** -0.17**
NC 0.09** -0.03** 0.06** 0.19** 0.02** 0.17**
NY 0.32%** 0.13** 0.19** 0.14** 0.03** 0.12%**
NYC 0.23** 0.07** 0.16** 0.07** 0.03 0.05**
OH -0.11** -0.04** -0.06** -0.02** -0.02** -0.00
OR -0.07** -0.07** 0.00 0.07** -0.03** 0.10**
PA -0.02** -0.10** 0.08** -0.02** -0.04** 0.02%**
TN 0.24** 0.02** 0.22%** 0.14** 0.12** 0.02
X -0.07** -0.02%** -0.05%* -0.07** -0.01%** -0.06**

* Significant at the .05 level, **significant at the .01 level
°Data is limited to Chicago Public Schools students.

Table 1 shows wide state to state variation in the performance of CMO affiliated and
non-CMO charter schools. Values in the columns labeled "CMO" and "non-CMO™" are
significantly different from their VCR peers in TPS if they are marked with an
asterisk. Values in the difference columns which are marked with asterisks indicate
that the CMO value was significantly different from the non-CMO value. If the
difference is positive, then the CMO growth was larger than non-CMO growth. A
negative difference value means the CMO growth was smaller.

The geographic variation in charter school quality and in the relative performance of
CMOs versus non-CMOs is readily apparent in Table 1. The positive performance of
the total sector in Massachusetts and New York differs greatly from the results in
Georgia, Minnesota or Texas. Moreover, the intra-sector differences in learning
gains for students in CMO schools and non-CMOs show considerable variation. For
math, CMOs in 10 states significantly outperformed their non-CMO peers, while in 7
states, their performance lagged and in 7 states the difference was not significant.
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Those differences ranged from - .17 to .22 standard deviations. For reading the
performance of CMOs was significantly better than in non-CMOs in 10 states, worse
in 7 states and no different in 5 states, with a range of difference from -.17 to .17
standard deviations.

Categorical Subpopulations Prior educational research has provided evidence
that students with certain characteristics (living in poverty, English language
learners (ELL), and special education students (SPED) in particular) have additional
education struggles beyond the typical student. Because of additional issues faced
by these students, particular attention to how any education reform impacts them
is warranted. Therefore, separate analyses were conducted to determine if the
effects of attending a CMO affiliated school were different for students in these
categorical subpopulations. The analysis shows students in poverty (those eligible
for free or reduced lunches), ELL students, and SPED students all have significantly
stronger growth when attending a school associated with a CMO as compared to
students attending non-CMO charters or TPS.

Poverty Regardless of where they enroll, students in poverty on average
have growth which is weaker than non-poverty students (whose learning is
benchmarked at 0.00 in Figure 4). This difference is seen in both reading and math.
We use the non-poverty VCR peers from TPS as the benchmark for comparing the
growth of students in poverty in TPS, CMOs and non-CMOs. The growth of
students in poverty who attend CMO schools is represented in Figure 4 by the light
blue bar for reading and light orange bar for math. TPS students are represented by
the gray bars in both subjects. Students in poverty who attend a CMO have
stronger growth in both reading and math than students in poverty who attend TPS
schools. Even though both groups perform below the TPS non-poverty students,
the fact that the CMO student bars are shorter means they had stronger growth
than their TPS counterparts.

For a student in poverty, attending a CMO charter leads to significantly more gains,
about .06 standard deviations more than if enrolled in TPS. Non-CMO students in
poverty also have significantly stronger growth than TPS students in poverty, but
the difference is small in both subjects. (Rounding of the effects in Figure 4 masks
the absolute difference in gains of .004 between TPS and non-CMO students, a
difference that is statistically significant.) These results mean that on average
students in poverty who attend either a CMO or non-CMO charter school will have
stronger growth than TPS students in poverty. Further, on average students in
poverty who attend a CMO charter school will have the strongest growth between
the three types of schools (CMO charter, non-CMO charter, TPS) in this analysis.
Figure 4: Math and Reading Growth by School Type, CMO Poverty Students

11
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English Language Learners The impacts of attending a CMO affiliated charter
school are also strong for English language learner (ELL) students. We found
growth increases in both math and reading for ELL students attending a CMO
charter relative to their ELL peers in non-CMO charter schools and TPS schools.
The effects are equal to about one-third of the overall performance gap between
ELL and non-ELL students. While ELL students attending either CMO or non-CMO
charters have stronger growth than ELL students in TPS, the strength of the effect
for attending a CMO affiliated charter school is stronger than the effect for
attending non-CMO charter schools. These differences were significant in both
math and reading. Figure 5 shows the full effect of being an ELL student by school
type. Again, a TPS non-ELL student would have a value of 0.00 in Figure 5.

12
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Figure 5: Math and Reading Growth by School Type, CMO ELL Students
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The growth of ELL students in CMOs is stronger in both math and reading
than in non-CMOs and TPS.

Special Education Attending a CMO affiliated school also has a significant
positive effect on the growth of SPED students, but this effect is smaller than the
observed effect for ELL students both in absolute size and relative size. The growth
of TPS SPED students was typically -0.24 standard deviations smaller than non-
SPED students in math and -0.26 in reading (dark gray bars). While both are
significant, the positive effects of attending a CMO were only 0.03 in math (less
than one-tenth the overall SPED value), and 0.04 in reading (one-eighth the overall
TPS SPED/non-SPED gap). So while on average attending a CMO affiliated charter
is beneficial for SPED students, the effect is small relative to the SPED/non-SPED
gap. Figure 6 shows the full effects for SPED students by school type.

13
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Figure 6: Full Effects Math and Reading Growth by School Type, CMO SPED
Students
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The growth of SPED students enrolled in CMO charters is only
slightly stronger than TPS or non-CMO charter students.

Racial Ethnic Subpopulations Another important analysis of charter school
performance is to evaluate the charter school effectiveness with students from
different ethnic backgrounds. This analysis is critical because of the differences in
educational outcomes that have been found to exist between students from
different ethnic backgrounds. Many charter schools include a specific mission to
reach out to students of a particular background or to reduce the gap between
white and minority students. To this end, we examined the average student growth
by student racial/ethnic background across the three settings.

In Figure 7 the performance of black and Hispanic students are presented. For
each group, we further divide the group by whether the student was also in
poverty. Even with this further delineation, the overall patterns for blacks and
Hispanics as a whole can be discerned. For all the groups, the performance
benchmark is the academic growth of white non-poverty VCR peers in TPS; their
performance is set as zero in the following figures.

The first insight from Figure 7 and Figure 8 is the disparity in learning gains
between black and Hispanic students, regardless of their school choice. Further,
when each group is divided into poverty and non-poverty, the same relative
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difference prevails -- students who are minority and in poverty have smaller
learning gains than their same-race but non-poverty peers.

Looking at black students, in both math and reading, TPS black students in poverty
had significantly weaker growth than white TPS students. Black students both non-
poverty and in poverty who attended a CMO charter had stronger growth than their
black peers attending a TPS although the difference between black non-poverty TPS
and black non-poverty CMO students is not significant in reading.

For Hispanic students overall, the difference in performance relative to the white
non-poverty TPS benchmark is smaller than is seen for blacks. In math, non-
poverty Hispanics in both TPS and CMO settings have learning gains that are
equivalent or better than the gains of the benchmark group of white non-poverty
students in TPS. CMO-enrolled Hispanics in poverty post better learning gains than
their Hispanic poverty VCR peers in TPS, and even out-perform the white non-
poverty TPS benchmark. In reading, the learning gap is erased for non-poverty
Hispanics in TPS and only slightly reduced for non-poverty students in CMOs. For
Hispanics in poverty, while both TPS and CMO students have smaller gains than the
benchmark, the CMO student is advantaged with gains that are closer to the
benchmark by a significant margin.

Figure 7: Math Growth by Poverty, Race, and School Type
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Figure 8: Reading Growth by Poverty, Race, and School Type

Reading Growth by Poverty, Race, and School Type
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Finally we compared the leaning gains for white students in TPS, CMO and non-CMO
settings. The effects for attending a charter school were negative in both math and
reading for white charter students relative to their white TPS virtual peers. This
was true regardless if the charter schools were or were not affiliated with a CMO.
Unlike the other subpopulations in this analysis, white students attending CMO
affiliated charter schools had weaker growth than students attending non-CMO
charter schools.

Network-Level Effects The preceding results have compared student-level
effects in various settings and groupings. There is equally strong interest in
understanding the performance of CMOs as individual organizations. Such an
analysis requires additional aggregations (students in schools, schools in networks)
and this requires special attention when doing the analysis.

Table 2 below examines the performance of CMOs relative to TPS performance at
three different levels of aggregation: at the student level, at the school level and at
the network level. It shows that 43 percent of CMO networks have statistically
significantly stronger growth in reading than their VCRs. These networks account
for 49 percent of the CMO-affiliated schools included in this study and 51 percent of
all the CMO-related students. Thus, more than half of the CMO students in this
study attend a school associated with a network with statistically significantly
stronger growth than their VCR comparison peers. The rate of students attending a
charter school which is part of a network with significantly weaker growth is 41
percent while 7 percent of students attended a school with growth not different
from the VCR.
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Table 2: CMO Quality Curve in Reading

Number Percent Number Percent Number Percent
of of of of of of
CMO versus TPS Networks Networks Schools Schools Students Students
Stronger 71 43% 679 49% 303,929 51%
No difference 35 21% 182 13% 42,900 7%
Weaker 61 37% 511 37% 244,725 41%

Figure 9 shows the distribution of CMOs by their overall academic growth
performance in reading, as measured by their portfolio average learning gains
relative to their students' VCR peers in TPS. If all the CMOs in this study were
outperforming their local TPS schools, all the schools would be arrayed to the right
of zero. While the largest single bar falls squarely on zero, indicating those CMOs
on average are similar to their TPS counterparts, the bars to the right of zero are
taller than those to the left, reflecting the same overall percentages displayed in the
Quality Curve.

The distribution chart, however, reveals two interesting points. The first is that
there is a wide range of quality across CMOs, a finding we probe in a later section.
The second is that there are multiple CMOs whose average effect sizes are
extremely negative not only in relation to their own TPS group but against the rest
of the CMOs themselves. The fact that each CMO's effect size is a measure of
average performance across the CMO's portfolio of schools makes these findings
even more alarming -- while some students may perform above the (very low)
portfolio average, it means as well that there are students whose learning gains are
below the CMO's average.
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Figure 9: Distribution of CMO Reading Network Effect Sizes

30

Frequency
= = N N
o (6] o (6]

(&)

0
LWMDLWOWONDOLL AVWOWOOWW AW NLLL®MLWOLW O
MASKANYASKANSRON  NOrNsANAN SAANN SN ® 5
SR TANGNTASA T2 Qo " dod " NoN~"Mc 5
' !@'!? '@ @' © o o o o o o©
Effect Size

As summarized in Table 3, the picture of CMO performance in math is not as
positive as was seen in Table 2 for reading. @ The summary shows that slightly
more than a third of CMO networks have statistically significantly stronger
performance than their students would have realized if they attended TPS instead.
These networks account for 34 percent of all the CMO students in the study.
Another 14 percent attend schools having growth which is not significantly different
from TPS, while 52 percent attend schools with growth significantly weaker than
TPS students. This pattern fits with the overall findings which we presented at the
beginning of this chapter which show an effect size in math of -.005. This
statistically significant value suggests that while the overall impact on CMO student
learning is small, the disaggregated detail reveals a more subtle and important
story.

Table 3: CMO Quality Curve in Math

Stronger 62 37% 499 36% 198,199 34%
Not Different 22 13% 240 17% 78,397 14%
Weaker 83 50% 636 46% 298,133 52%
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Figure 10 shows the distribution of CMOs by their overall quality in math, as
measured by their learning gains relative to their students' VCR peers in TPS. In
math, the tallest column falls at -0.025. This corresponds to the results from the
quality curve that shows 50 percent of the networks have a significant but negative
effect in math. The range of values in math (-0.31 to 0.33) is smaller than in
reading (-0.44 to 0.60). This indicates there is less difference between the highest
and lowest performing networks in math. Never the less, there are a disquieting
number of CMOs whose average affect sizes are skewed to the far left, indicating
their learning gains are smaller than their TPS counterparts by a large increment.

Figure 10: Distribution of CMO Math Network Effect Sizes
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Average Growth by Network The performance of the 167 individual charter
networks included in this study form the basis of the quality curves and distribution
graphs. The average performance of individual portfolios is of interest in its own
right. However, the current structure of state-based education data creates
significant information barriers to gathering equivalent information across states or
even across regions within a state. Since many CMOs hold charters from multiple
authorizers, it is nigh-on impossible to get regular insight into the performance of a
charter school relative to its CMO network or to compare performance across
networks. One of the unique features of this study is the opportunity to provide
detail on CMO networks that is currently unavailable to authorizers and others. The
calculation of CMO portfolio-wide performance goes part of the way in addressing
this market failure. They are available in Appendix A of this report.
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Organization Characteristics

Armed with the detailed calculations of individual CMO performance, it becomes
possible to probe whether differences across CMOs can be explained by any of the
organizational characteristics that can be objectively identified. This section
explains the factors that are available for study and presents the results of this
portfolio-level analysis.

We selected several characteristics which have face validity as indicators of
organization quality. These characteristics included the age, size, geographic
concentration and intra-network consistency of CMOs. We also studied the
expansion of the organization into multiple states. Finally, we examined whether
the ability of CMO organizations to pass a rigorous screening process as an
applicant for support from the Charter School Growth Fund signaled a greater
capacity for high quality performance.

These factors are important because they directly relate to one of the major
difficulties for authorizing boards and parents alike -- determining which charter
schools are most likely to be successful. While market theory suggests -- and the
evidence shows -- that over time lower performing charter schools are more likely
to close, the market moves slowly enough that reliance on market forces alone of
little benefit to individual students who will generally only attend any given charter
school for a few years. Thus, it would be beneficial if certain characteristics could
signal an increased likelihood of higher performance among CMO charter schools.

It should be noted that for the analyses that follow we have included the schools
belonging to super-networks as local networks. In other words, the various KIPP
clusters in New Orleans, Houston and so on are treated as separate CMOs, as is the
case for the other federated network organizations.

Maturity of CMOs One important question is whether the age of the various
networks was related to their performance. We were unable to identify significant
differences in network performance by maturity of the network. There are just as
many poorly-performing CMOs at every age as there are solid ones. Such a finding
is consistent with the anecdotal information that motivated this entire study: the
operating rules of organizations appear to solidify early in the life of a school and
become embedded in the culture, resisting change over time.
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Quality as a Function of Size Much of the policy discussions surrounding CMOs
rests on their ability to achieve scale in their operations. We think an equally
important question is whether quality can be achieved and maintained in large
organizations. This part of the analysis explored the relationship between
enrollment size of the network and the average performance of the network. This
analysis showed no significant relationship between the number of students in a
charter network and the average growth of its students in neither math nor
reading. At every size, CMOs posted both positive and negative learning gains
creating an aggregate correlation that was insignificant. We infer from this analysis
that scale is neither a determinant nor a predictor of performance. We include
scatter plots of these relationships in the Technical Appendix to this volume.

Geographic Concentration Management differences across CMOs are difficult to
measure at the scale and scope of this study. One feasible proxy was to investigate
whether CMOs that were more tightly clustered might have better performance, on
the theory that logistics and communication would be easier and less costly. Using
the geographic coordinates of each school, we computed two measures. The first
was the maximum distance between the schools in a CMO. The second was a
measure of concentration to assess how tightly the schools were clustered together.
We then examined whether the portfolio average performance of each CMOs was
related to either of these spatial measures. We found no significant relationships.
High performing CMOs were just as dispersed as those with lower overall results.
Similarly, the density of the CMO’s geographic footprint had no bearing on their
results. Thus, it seems that these features are not good predictors of a CMO’s
likelihood of operating a high quality organization.

Consistency at Scale Given that there is no apparent relationship between CMO
size or age and performance, one is left to wonder if instead some organizations are
better at producing whatever level of performance they do; in other words, if they
at least get more consistent in their results.

We examined whether the networks had more consistent performance across their
portfolio if they were higher performing or more mature. In other words, while it
might seem plausible that lower-performing networks had wide variance in student
performance across their schools, one might expect that networks that realized
larger average learning gains, the range of gains might also become more tightly
clustered around that average. Similarly, given more time to learn from their
experience, one might wonder if networks found ways to produce more consistent
results, even if the average did not change. The results of these investigations
were both negative.
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We found no differences in distribution of student growth values within any of the
networks based, other than the slight decrease in variance which would be
expected with increasing sample size. The lack of differences in distribution
indicates that the differences in network performance seen in Appendix A are
merely due to a shift in mean growth within each network, and not a systematic
shift in distribution of students within networks by any examined network
characteristic.

Multistate Organizations Another observable organizational characteristic that
might relate to overall performance was the geographic diversity of the charter
organization's operations. In postulating the effect of geographic size or diversity
on portfolio performance, several competing ideas emerged. It might be the case
that networks that contained schools in different states needed more complex
administration to deal with inconsistent regulatory environments. (In this regard, it
is unclear whether the impact would be additive or simply rise to the level of the
most complex state in which the network operates.) Alternately, the sheer impact
of distance might introduce greater challenges for interaction, staff development,
quality assurance or other network-wide practices.

For this analysis, we identified the charter organizations that had multi-state
operations. There were 23 organizations which had schools in multiple states.” We
then analyzed the results in math and reading for CMO and EMO organizations
separately.

® Schools in the four super-networks were only flagged as multistate if their regional sub-
network met the qualifications for multistate networks.
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Figure 11: Impact on Math Gains of Attending a Multistate Network Type
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Figure 11 shows the results of these analyses for math. To provide a common
standard for comparison, the average performance of the TPS VCRs associated with
each organization’s students were used. Their value on this graph is set at 0.00,
and the performance of CMOs and EMOs are presented in relation to that value.
The left two bars show results for all charter organizations regardless of whether
that organization is a CMO network or an EMO company. It should be noted that
only students enrolled in a charter organization could be identified as multistate.
Students attending independent charters as well as those attending charter schools
belonging to non-multistate organizations were included in the non-multistate
charter group in the first bar. For these tests, the analysis shows that students
attending schools affiliated with charter organizations having locations in multiple
states had weaker growth than those limited to a single state.

We disaggregated the previous analysis to examine whether the multistate effect
was different for CMOs with multistate networks from that of EMOs with multistate
operations. The middle section of Figure 11 shows the results for CMOs. CMOs
that operate in multiple states had much weaker student growth than those CMOs
that had more geographically concentrated networks.

However, the right section of Figure 11 shows the opposite was true for schools
operated by EMO companies. Students attending schools which affiliated with
multistate EMO companies had math growth effects which were significantly
stronger than the comparison TPS students and larger than the growth of students
attending schools operated by EMO companies who operate in only one state.
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Figure 12: Impact on Reading Gains of Attending a Multistate Network by Type
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We found similar although smaller results in reading. Figure 12 shows the impact
on reading gains of attending a school which was part of a multistate organization
was still negative for all organizations and CMO networks, but positive for students
attending school operated by multistate EMO companies. It is noteworthy that all
three impacts for reading gains were closer to 0 than observed for math, indicating
less variation in the reading scores than in the math scores between the multistate
and non-multistate organization students.

Charter School Growth Fund The Charter School Growth Fund (CSGF) is a non-
governmental organization which provides funding for selected charter school
organizations. As part of its approval process, CSGF requires charter organizations
to complete a rigorous screening process. As the CSGF selects from a wide variety
of applicants from across multiple states, and has the benefit of a decade of
developed institutional knowledge, we were interested in an examination of the
performance of the CMOs they help to grow.

To complete this analysis, we identified which students in our data set attended
schools belonging to CMOs funded by CSGF. We were able to include students in
schools from 14 CSGF partner CMO networks serving approximately 73,000
students. This analysis included only CMO networks as only one EMO received
CSGF support and thus we could not conduct a comparative analysis for EMOs.
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We calculated separately the average student learning gains in reading and math
for students in CSGF-affiliated CMOs and for students in CMOs that did not receive
CSGF support. For both groups, we benchmarked the average learning gain against
that of their VCR peers in TPS. This allows a direct comparison of the relative
benefit of CSGF funding compared to both non-funded schools and the TPS
benchmark. The results from these analyses are shown below in Figure 13.

Figure 13: Student Learning Gains in CSGF-Funded Schools
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Students attending schools belonging to networks which have successfully passed
CSGF’s application process have math learning gains much larger than gains both in
other CMO charters and the TPS benchmark. The CSGF results for math show that
these students have math growth which is .21 standard deviations higher than TPS
students. The results in reading are smaller but still dramatic with students
attending CSGF schools having growth .14 standard deviations above other CMO
charter students and .13 standard deviations stronger than TPS students.

These strong results indicate that the Charter School Growth Fund has a screening
process that accurately identifies organizations which operate successful charter
schools. Students attending schools in networks chosen by CSGF not only outgrew
their TPS virtual twins but also their peers in charter schools as well. The results of
this analysis support the theory that acceptance of a network as a CSGF partner is
a good proxy for strong charter school performance as measured by student
growth.
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Super-Network Effects

Since the first national study of charter management organizations was begun by
CRPE and Mathematica in 2009, the organizational complexity of CMOs has
matured. Today, there exists a new arrangement which we refer to as super-
networks. A super-network is a national entity which has multiple semi-
autonomous regional networks. They may also have other schools in the portfolio
that are not operating as part of a regional network. The super-network provides a
unifying brand for such things as charter applications, student and teacher
recruitment, and fundraising efforts. Super-networks may also support their
affiliated schools with common policies and procedures, administrative activities
and other business services such as legal or accounting service or guidance.
Because these entities have an additional tier of operations, they deserve attention
on their own.

For this study, we identified four charter super-networks: KIPP, Responsive
Education Solutions, Uncommon Schools, and White Hat. Our definition of a super-
network was essentially a network of networks. Super-networks are federated
systems of schools which are operating “at scale”. Against the backdrop where
most charter schools are independent, these networks represent a unique
approach: they have an additional layer to the organizational hierarchy and in
theory can capitalize on their older and larger network structures for human capital
and institutional memory.

Figure 14 shows the average learning effect in reading and in math for students
attending a charter school in each of these networks as compared to their virtual
twins attending TPS.
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Figure 14: Impact of Attending a Super-Network Charter School Compared to TPS
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As can be seen in Figure 14, both KIPP and Uncommon Schools had large
significant positive impacts on academic growth in both reading and math for
students who attended their schools. Responsive Ed had a significant negative
impact on student reading gains and a non-significant effect in math. Attending a
White Hat school had a small but significant positive impact on reading growth but
a significant negative impact on math. Given the scope of the super-networks, the
positive findings for KIPP and Uncommon Schools across their portfolios suggests
that it is possible to simultaneously scale quantity and quality in charter schools.

Subpopulation Analyses We also examined the impact of attending a super-
network school on the various student subpopulations. These separate
examinations are valuable in assessing the extent to which these organizations
address the specific needs of the students they enroll. In particular, we studied the
impact in both math and reading of attending a super-network school for students
in poverty and by race/ethnicity.
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Figure 15: Impact of Attending a Super-Network School for Students in Poverty
Compared to TPS
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Poverty Figure 15 shows the academic growth of students in poverty compared
across the four super-networks. The benchmark comparison is the learning gain for
non-poverty TPS VCRs, which have been set to zero. The horizontal orange and
blue lines show the average growth for TPS students in poverty for math and
reading, respectively. These results show that charter students in poverty attending
Uncommon Schools have higher growth than TPS non-poverty students in both
reading and math. KIPP students in poverty have growth in math which is equal to
that of similar TPS non-poverty students. While the effect in reading for KIPP
students in poverty is less than that for TPS non-poverty students, it is still much
stronger than the reading gains of TPS students in poverty. Attending Uncommon
Schools or KIPP charters essentially eliminates the poverty/non-poverty learning

gap.

Figure 15 shows that the results for Responsive Ed and White Hat are not as strong
as KIPP and Uncommon Schools. Still, the gains for students in math in Responsive
are stronger than their TPS peers, and the same is true for the reading gains for
students in White Hat schools.

Race/Ethnicity Figure 16 shows the average learning growth in math for students
of different racial/ethnic backgrounds attending a charter school in one of the
super-networks. The baseline comparison is the learning gains for TPS white
student VCRs. The colored vertical lines represent the average performance of TPS
students in each racial/ethnic group. As the figure shows, students from all ethnic
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groups attending Uncommon Schools charters have growth stronger than TPS white
students with Uncommon Schools Hispanic students having the strongest growth of
any group. Students attending KIPP-affiliated schools also have strong growth with
white and Hispanic students having stronger growth than TPS students and black
students closing half the black/white gap. Students from Responsive Education and
White Hat schools perform at levels lower than their TPS peers.

Figure 16: Growth in Math for Racial/Ethnic Students, by Super-Network

0.15 0.11** TPS
White

0.10 0.06**  0.06** Students
0.05
0.00
-0.05 TPS
-0.10 \ Hispanic

. Students
015 0.11 o

-0.15*
-0.16**
-0.20 Black
0.25 Students
KIPP Repsonsive Uncommon White Hat
EWhite mBlack ®Hispanic

Figure 17: Growth in Reading for Racial/Ethnic Subpopulations by Super-Network
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Figure 17 shows the average growth in reading for students attending each of the
super-network charters. The colored horizontal lines show the average growth of
TPS students by race; again, the baseline of O represents the learning gains for
white TPS VCRs. In general, minority students attending a charter school affiliated
with a super-network had stronger growth than their TPS peers. Of the four super-
networks only Responsive Education minority students had weaker growth than
their TPS peers. The positive effects in reading for the other three super-networks
were especially strong for Hispanic students who not only overcame the
Hispanic/white gap, but actually had stronger growth on average than TPS white
students. Again with the exception of Responsive Education students, black
students also had significantly stronger growth from attending super-network
charters. While this increased growth was not enough to overcome the black/white
gap, it was positive and of moderate size for White Hat and KIPP. The difference in
growth of black students attending Uncommon Schools (better by .12 SD) was the
largest comparative impact.

Additional Subpopulations Appendix B of this report provides a full profile
for each of the four super-networks in this analysis. These profiles detail breakouts
of performance by a variety of subpopulations including: race/ethnicity, poverty
status, ELL status, SPED status, and geographic location.
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Education Management Organizations
(EMO) Results

While EMO companies manage charter schools, they do so in a different manner
from CMO networks. The major difference is one of governance over the school.
CMOs hold the final oversight and authority over their schools via the governance
function. The ultimate responsibility for each school belongs to the CMO -- from the
authorizer, only the CMO has the power to close a school.

For EMOs, their involvement with schools -- whether independent or CMOs -- is by
delegated authority from the schools' Boards of Directors. The charter school's
board uses its authority to contract with the EMO for school operations. None the
less, oversight of the contract and evaluation of EMO performance remains with the
charter school board. Typically, EMO contracts specify conditions under which the
management contract can be terminated or renewed and often include explicit
performance standards. Whatever staffing or operational changes an EMO may be
permitted to make while running a school, they do not have the authority to
replicate or close the school.

EMOs offer charter schools a number of potential benefits. Their scale of operations
offers potential efficiencies (assuming that the EMO doesn't take all the savings for
itself.) It may also provide more experience in running schools or be able to offer a
deeper bench of talent than a charter school expects to attract. Finally, to the
extent that there is a known track record of performance, EMOs can offer a degree
of brand identity and confidence about expected outcomes.

In this study, there were 38 EMO companies which met our selection criterion of
operating at least 3 charter schools. These EMO companies had 410 charter schools
under contract. We saw that 13 companies worked with schools which were also
part of a CMO network. Schools from these 13 companies which were both part of a
CMO and an EMO were included in analyses for both CMOs and EMOs. It is also
possible that some TPS schools may be operated by EMO companies through
contracts with local TPS boards. Those TPS schools are not included in this analysis
of EMO performance.

The EMO analysis parallels the one presented for CMOs. Three comparisons were
explored: 1) student gains in EMO affiliated charters compared to TPS, 2) student
gains in direct-run schools (those independent schools and CMOs that do not
contract with EMOs) against gains in TPS and 3) student gains in direct run
independent charter schools compared to direct-run CMOs. The results of the

31

‘¢! credo



analyses appear in Figure 18 and show there were significant positive effects for
attending EMO schools in both reading and math. The effects are larger than those
found for CMO charter schools but are still small in absolute magnitude.

Figure 18: Average One-Year Gains for EMO Charters and non-EMO Charters
Relative to TPS Average Learning Gains
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Recall that the majority of CMOs do not use the services of EMOs. In Table 4,
below, we further disaggregate the non-EMO results to separate the CMOs and
independent schools that manage their own operations and study their results in
isolation.

Table 4: Direct Run Independent Charter Schools And CMOs

Math

Total Direct Run Direct Run Independent Direct Run Charter
Effect Charters Management

Organizations
Percent of Total Percent of Total
Effect Direct Run Effect Direct Run Effect
Observations Observations

-.014 78.6 -.018 21.4 -.005
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Reading

Total Direct Run Direct Run Independent Direct Run Charter
Effect Charters Management Organizations
Percent of Total Percent of Total
Effect Direct Run Effect Direct Run Effect
Observations Observations
.005 74.7 .006 25.3 .005

For direct-run charter schools, the differences between CMOs and Independent
schools emerge when disaggregated. While both CMOs and Independent charter
students have smaller learning gains in math than their TPS peers which are
statistically significant, the absolute difference is nominally small. None the less,
the difference in math learning between Independent charter schools and CMOs is
significant, with CMOs posting the better result. In reading, the learning gains are
nearly identical between CMOs and Independent schools and are significantly better
than the learning gains for TPS.

Categorical Subpopulations Results for the student subpopulations -- students
in poverty, English language learners, and special education students -- for those
attending an EMO affiliated charter school were not as strong as those for similar
students attending CMO affiliated schools.

Poverty As shown in Figure 19, growth for students in poverty was only slightly
stronger in EMO-affiliated charter schools than their TSP poverty students peers.
The non-EMO students had the strongest growth. The differences, while significant,
are very small. The pattern was consistent for reading and math.
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Figure 19: Math and Reading Growth by School Type, EMO Poverty Students
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All students in poverty have smaller learning gains than non-poverty
students. Across school types, students in poverty who attended EMO
schools had slightly stronger learning gains than poverty students in TPS
but weaker results than occurred in direct-run schools.

English Language Learners The learning gains for students who are English
Language Learners also reveal differences across the school-types. For both
subjects, learning gains for ELL were smaller than for students with English
proficiency, who are the benchmark for this analysis; this is true regardless of
school setting. Once school type is taken into consideration, ELL students had
stronger growth in EMO affiliated schools than non-EMO schools or their ELL peers
in TPS in both math and reading. The difference in growth for EMO-affiliated
students was small when compared to non-EMO schools. The differences between
EMO and TPS ELL students were more substantial. All these differences were
statistically significant.

34

'C! credo



Figure 20: Math and Reading Growth by School Type, EMO ELL Students
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ELL students had stronger growth in both math and reading from
EMO attendance.

Special Education As shown in Figure 21, the differences between EMO, non-
EMO, and TPS SPED students' learning gains were very small. In fact the
differences between TPS SPED and EMO SPED were so small they were not
significantly different.

Figure 21: Math and Reading Growth by School Type, EMO SPED Students
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EMO SPED students had similar growth to non-EMO SPED students in
Reading. On average SPED students grew best in non-EMO charters.
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Racial Ethnic Subpopulations For the race/ethnicity analysis of EMO-affiliated
students, we use the benchmark of the white TPS academic growth as the baseline,
and set that value to zero. As with the results for CMO affiliated charter schools,
white students attending EMO charter schools have lower academic growth than
white students attending TPS. Black students and Hispanic students attending EMO
affiliated charter schools have improved gains in both subjects relative to their TPS
peers and to students attending independently-run charter schools. The
differences, however, were more muted than we observed for CMO-affiliated
students.

Figure 22 shows the full effects on math growth of attending EMO and non-EMO
charter schools by race. The comparison group for Figure 22 is white students
attending TPS. The growth value for white students attending TPS has been set to
zero. White students attending any type of charter have on average lower growth
(first two columns on left) than white students attending TPS. However between
EMO white and non-EMO white charter students, white EMO students had
significantly stronger growth than non-EMO students, as indicated by the red
bracket.

Figure 22: Math Growth by Race/Ethnicity and School Type
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Black students had weaker math growth than white students regardless of the type
of school attended (see columns 3-5 of Figure 22). However, the math growth of
black students attending EMO schools was significantly stronger than the growth of
black students attending non-EMO charter schools or TPS.
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Hispanic students (far right columns of Figure 22) also had math growth which was
significantly weaker than white students, but by a much smaller margin. Again
students who attended an EMO affiliated charter school had significantly stronger
growth than non-EMO and TPS Hispanic students.

Figure 23: Reading Growth by Race/Ethnicity and School Type
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Figure 23 shows reading growth results were similar to those for math. The
differences between school types were smaller in reading. While the differences
between White TPS students and all racial subgroups were significant, the
differences between EMO and non-EMO student growth were not significant for
white students or black students. Only Hispanic students attending EMO affiliated
charter schools had stronger reading growth than their peers attending non-EMO
charter schools. As in math, black students had much weaker reading growth than
white or Hispanic students.

The EMO results are one of the surprises in this study. As with CMOs, the individual
EMO portfolios demonstrate a range of performance around the group average.
These differences are seen in the portfolio results in Appendix A. On average,
however, they appear to outperform the TPS local markets in a consistent fashion
for students of color and for students with the specific education challenges
associated with poverty, Special Education or being an English language learner.
These findings suggest that EMOs both can and do provide positive education
options for students.
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The comparison with direct-run charter schools (either independent charter schools
or CMO schools) is more mixed. Results with students of poverty and with special
education students are inferior to direct-run charter schools; whether this reflects

low capacity in EMOs to serve students with these needs or a different mission and
focus is unclear.
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CMO Portfolio Trends

Great hope and expectation is placed on CMOs and EMOs as new educational
organizations. They feature regularly in education reform strategies as important
vehicles for new school models, enhanced attention to disadvantaged populations
and as the new building blocks of high quality education systems. We have already
identified the variation in quality across these organizations earlier in this volume.
In this section, we examine if these organizations themselves demonstrate an
ability to improve their results. We complete these analyses for all the CMOs in our
study for whom we have at least two time periods of growth performance data.

Portfolio Performance Over Time

Given the range of CMO performance with student learning gains, if CMOs are to
raise the bar on student performance -- both within the charter sector and in the
larger K-12 arena -- they will have to find ways to elevate their performance over
time. From an organizational development standpoint, this translates into building
capacity within schools to adjust their on-site instructional practices to be more
effective. By tracking the performance of the CMO portfolios over time, it is
possible to assess the degree to which CMOs are changing. We tested the
difference in performance over the two time periods to see if the difference was
statistically significant.

Table 5: CMO Network Growth Quality Curve

Significantly Positive Portfolio Growth 32% 34%
Not Significantly Different 53% 41%
‘ Significantly Negative Portfolio Growth 15% 25% ‘

As revealed in Table 5, one-third of the CMOs in the study were able to move the
math and reading learning gains of their schools upwards to a statistically
significantly higher level. Another quarter of the CMOs had declining performance
over time, while the remainder held steady. The results suggest that some CMOs
have implemented improvement strategies to good success. What is not known
from these results, however, is the initial level of performance or the nominal
degree of change that the CMOs were able to realize.

We probed these overall trends to see if there were underlying patterns. Using the
first average growth effect observed in our data window, we divided the CMOs into
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thirds. We computed the average first-period for each subgroup and plotted where
the group scored in the last year of our study. (This means some CMOs had more
growth periods than others.)

Figure 24: Change in CMO Performance Over Time, by Starting Effect Size Tercile
— Math
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The lines in Figure 24 show some convergence over time, a typical phenomenon
when studying distributions of scores. The more interesting finding is that the
middle third, which we know from the aggregate CMO results was very close to
zero, shows a positive and significant trend upward. The degree of change for the
upper third is roughly the same magnitude as for the middle third, albeit in the
opposite direction; still, it does not affect the large difference in the subgroup’s
performance relative to the others. Finally, the lowest third, while showing
improvement overall, still remains significantly below the midline, indicating that
the average overall performance of the group lags the performance seen in TPS
even after several years of operation.
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Figure 25: Change in CMO Performance Over Time, by Starting Effect Size Tercile
— Reading
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Figure 25 presents the same analysis for trends in CMO portfolios in reading
performance. The same general trends apply. The top third loses a bit less ground
in reading compared to math. The middle third of CMOs improve. The lower third
shows the greatest overall improvement but remain solidly below the average
performance of their TPS counterparts.

These results support the finding in volume one of this report that charter schools
establish their level of performance early on and that performance is relatively
stable over time. Those that start out at high levels stay at high levels. Those that
start out with lower performance remain low. They also illustrate that in the
current environment, it is unlikely that CMOs will be a vehicle for dramatic
improvements in organizational performance.

New School Performance  Another question this study addressed is the
performance of new schools. Given the three different classes of potential
affiliation -- CMO, EMO or neither, the question “Do newly opened schools which
are part of a CMO network or operated by an EMO company perform differently
than new schools which are not part of a CMO or EMO?” has important implications
for the development of the charter sector moving forward. We compared first-year
results for students attending new schools, differentiated by CMO or EMO affiliation.
We compare their initial performance against the average TPS student learning
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gain, regardless of year of operation. We analyzed first year performance of CMOs
and EMOs separately.

Figure 26: New School Performance by CMO or EMO Affiliation, Math
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New schools which were part of a CMO network had better math
performance than new non-CMO charter schools.

As seen in Figure 26, despite smaller learning gains overall compared to their TPS
peers, students attending a new charter school which was part of a CMO network
had stronger growth than students who attended a new independent charter school.
The analysis found that students attending new schools which were operated by
EMO companies had significantly weaker growth than students who attended non-
EMO affiliated schools.
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Figure 27: New School Performance by CMO and EMO Affiliation, Reading
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New schools which were part of a CMO network had better reading
performance than new non-CMO charter schools.

Figure 27 shows the impact in reading of attending new schools based on their
affiliation with CMO networks or EMO companies. As with math, the CMO affiliated
new charter schools had significantly stronger reading growth than non-CMO new
charter schools. The reading results for students attending EMO charter schools
were negative compared to non-EMO new charter schools.

Contributions to their Portfolios A related question is whether new schools in
CMOs show improved performance relative to older schools in the portfolio. Part of
the rationale for preferential support of CMO operations over independent schools
rests on the idea that CMOs will leverage past experience and, by applying those
lessons in future replications, be able to maintain their level of quality or —
optimally -- realize higher performance in the newer schools. To test this question,
we compared the initial period of growth in new schools to the average growth of
the rest of the portfolio in the same year the new school opens.
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Figure 28: Performance of New CMO Schools Relative to Existing Portfolio, Math
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Figure 28 presents the comparative relationship between new schools and their
existing portfolios for math growth. In 2006, 43 new schools opened, in 2007 there
were 42 new schools and in 2008 the number of new schools was 33. The bars in
the graph show the proportion of schools that equaled or outpaced the CMO
average for their older schools. Roughly two-thirds of new schools maintain or
improve on their CMO portfolio average performance in math; the share that
performed significantly better ranged from a low of 12 percent in 2007 to a high of
26 percent in 2006.
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Figure 29: Performance of New CMO Schools Relative to Existing Portfolio,
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When considering the reading gains displayed in Figure 29, the new CMO schools in
the 2006 and 2008 cohorts show stronger performance than for math, with 77
percent and 70 percent of new schools equaling or exceeding the portfolio average
learning gains. In the 2007 opening cohort, the share was somewhat smaller, at 60
percent. Restricting the test to only those new schools that had significantly better
results than their portfolio, the share in the 2006 cohort is 30 percent and is 26
percent in the 2007 cohort, and 15 percent in the 2008 cohort.

It is important to put these results in the context of two other findings in this study.
The first is the overall CMO findings which revealed that across the CMOs studied,
the average portfolio performance covered a wide range. So while the relative
position of new schools to existing portfolios suggest that the majority of CMOs
have successfully replicated, the preponderance have reproduced at levels that are
equivalent or weaker than their local TPS options. Second, the trend analysis for
CMOs presented earlier in this section shows that CMOs in general do improve in
over time, but that initial quality levels — i.e., the quality in the early schools of
each CMO’s portfolio -- have a lot to do with the eventual performance of CMOs.
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Summary of Results

After two decades, charter schools have changed the landscape of US primary and
secondary public education forever. They have embraced both traditional and
innovative models. They have diversified in location, governance and operating
practices. They have adapted to student needs in urban, suburban and rural areas.
As recipients of public funding, the enduring and legitimate question is, "To what
end?"

That there is large variance in the performance of charter schools is no longer
news. But even as their outcomes continue to receive attention, there is growing
support for charter schools to build larger and more sophisticated organizations to
support student learning. Charter management organizations (CMOs) and
Education management organizations (EMOs), while they have different missions
and address the charter sector in different ways, represent two forms of providing
schooling in a charter context. Both have seen dramatic growth in the past decade
and have been encouraged to occupy growing positions in policy and political
debates. CMOs in particular have received increasing focus as a vehicle for
expanding the number of quality school options for families. Education agencies,
philanthropies and non-profit organizations are devoting resources to expanding
CMOs. Their performance is critically important to reform efforts in the US
landscape. This study sought to better understand their results, in an effort to
inform discussions about their future.

Collective CMO Performance Just as with individual charter school performance,
we find bland results for CMOs in the aggregate. We find that on balance there
isn't much difference -- CMOs taken as a whole have about the same performance
as the TPS with whom they co-exist. In math, learning gains in CMOs lag TPS by a
small degree, -.005 standard deviations, and post better gains than independent
charter schools. In reading, CMOs have slightly better growth than occurs in TPS
and are no different than the positive learning gains that students in independent
charter schools realize. Compared to the aggregate results in the 2009 CREDO
report (-.03 in math and -.01 in reading) these results show movement in a
positive direction.

CMO Impacts with Student Subgroups In the aggregate, CMOs were found to
produce positive learning gains with several of the student groups that warrant
special concern. The missions of many of the CMOS in this study focus on providing
quality education options to students of color or in poverty. So it is gratifying to
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see that the balance of impact for these groups of students was positive for the
most part, as summarized in Table 6 below. These CMO advantages outpace the
equivalent gains that their students would have realized in TPS and also, for may
categories do better than the independent charter schools.

Table 6: Summary of CMO Impacts with Student Population Subgroups

Student Subpopulation Was impact of attending a CMO charter significantly
different from TPS students in same subpopulation?
MATH READING

Students in Poverty Positive Positive

ELL Students Positive Positive

Special Education Positive Positive

White Students Negative Negative

Black Students Poverty Positive Positive

Black Students non-Poverty Positive Positive

Hispanic Students Poverty Positive Positive

Hispanic Students non-Poverty No Difference Negative

We examined the performance of four super networks: CMOs that have grown to
the point that several of their schools have themselves evolved into clusters or
CMOs. Those findings make it clear scale and quality are not necessarily
synonymous. KIPP and Uncommon Schools prove that it IS possible to take
innovation to scale and maintain a focus on quality, though securing consistent high
results across all network schools remains a challenge. Regardless, across their
federated organizations, KIPP and Uncommon Schools post some of the largest
impacts with minority and poverty students reported in the literature. The analysis
also revealed super networks whose results are mixed (White Hat) or negative
Responsive Ed), where growth in quantity is favored over quality.

Variation across CMOs When assessing the performance of CMOs as a collective,
the pooled results mask a more dynamic and more important story. We identified
significant differences in the typical CMO performance across states. This is
consistent with the range of performance found in other studies of charter schools,
including CREDO's 2009 multi-state report. Since the results already take into
account differences in student characteristics, the remaining effects are, at least in
part, influenced by differences in state legislative and regulatory policy and
differences in the oversight provided by authorizers.

47

'C! credo



The CMO quality curves tell the bottom line. In both reading and math the results
are mixed, but they lean in different directions. In reading, over 40 percent of
CMOs produce learning gains that on average outpace than their local TPS options
to a significant degree. Due to the above average size of these networks, over half
of the students educated in CMO schools realize greater learning gains than they
would have in TPS. While these results are encouraging, there is a continuing
problem with many CMOs posting weaker learning gains than their local option —
roughly 40 percent of CMO students are in such situations.

Recap of Table 2: CMO Quality Curve in Reading

Number Percent Number Percent Number Percent
of of of of of of
CMO versus TPS Networks Networks Schools Schools Students Students
Stronger 71 43% 679 49% 303,929 51%
No difference 35 21% 182 13% 42,900 7%
Weaker 61 37% 511 37% 244,725 41%

In math, the performance is almost diametric to the results for reading. Slightly
more than a third of CMOs post superior gains for their students compared to TPS.
Thus a third of CMO-affiliated students are outpacing their TPS peers. But half of
CMOs have growth that on average falls short of the local alternatives, leaving
more than half of CMO students lagging their TPS peers in learning gains. Putting
the math results into the backdrop of the quality curve that CREDO produced in the
2009 CREDO report on charter effectiveness (which only looked at math results),
the current CMO distribution is both better and worse; greater numbers are positive
and greater numbers are negative.

Recap of Table 3: CMO Quality Curve in Math

Number Percent Number Percent Number Percent

CMO versus TPS of ] il il il i
Networks Networks Schools Schools Students Students
Stronger 62 37% 499 36% 198,199 34%
Not Different 22 13% 240 17% 78,397 14%
Weaker 83 50% 636 46% 298133 52%

Portfolio Trends Of chief interest to policy makers is the question about the
performance of these CMOs over time. Enormous time, effort and resources have
been invested in supporting replication and taking the CMO enterprise to scale.
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Both dimensions -- the feasibility of replication and the desire to achieve quality at
scale -- were amenable to analysis in this study.

One tenet of the general theory of action about CMOs is that they are able to
leverage learning from prior operations to help raise the level of future
performance. We examined CMOs in three ways to study this idea: the overall
quality of new schools, the performance of new schools relative to their existing
portfolios, and changes to the CMOs portfolios over time. Together, these view
illuminate the results of CMO growth and replication.

Our analysis showed that CMOs open new schools that perform on average at
higher levels than independent charter schools but that both types of new charter
schools create smaller learning gains than occur in an average existing TPS. To
fully understand this aggregate result, it is necessary to consider the underlying
dynamics of CMO replication.

We learned that more than two-thirds of CMOs open new schools that replicate
learning gains at the current level of their portfolio level or better. Overall,
however, less than a third of new schools are higher performing. About a third of
CMOs launch schools that post inferior gains relative to their portfolio score. This
finding is a bit of a mixed blessing: it provides support for the "cloning" aspect of
replication, but it also means that new schools inherit the nominal levels of
performance of the portfolio, which were shown to have a wide range of quality.
The evidence suggests that CMOs do not grow their way to improved performance
through replication.

The alternate path to higher quality results is to improve all schools within the CMO
portfolio. Tracking the portfolio-wide average student learning gain in each CMO
changes over time reveals the proportions of CMOs that have positive, negative or
flat trajectories to their performance. Using statistical tests of differences, the
trend analysis showed that about a third of CMOs has significant and positive
growth in performance over time. In one quarter of CMOs, the average learning
gain declines significantly over time. The rest of the CMOs remain stable. These
findings illustrate that it is possible for CMOs to evolve their performance to higher
levels. At the same time, the portfolio growth findings show that the largest share
of CMOs do not change much from their initial levels of performance, which again
returns to the underlying range in quality.
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Recap of Table 5: CMO Network Growth Quality Curve

Read Math

Significantly Positive Portfolio Growth 32% 34%
Not Significantly Different 53% 41%
Significantly Negative Portfolio Growth 15% 25%

It is clear that both the ability to create high levels of learning gains and the
capacity to maintain or improve performance over time are vital if CMOs are to
fulfill their expected role in the current education landscape. Dividing the CMOs
into thirds based on their earliest discernible performance, their trends over time
show the importance of considering both nominal level of performance and trends.

The CMOs that have high levels of learning growth based on initial performance
remain strong producers, even with declines in performance over time. CMOs with
early performance in the lower third show improvement, but not enough to reach
the level of TPS performance. The middle third, originally distributed around the
average for TPS -- show modest short-term gains relative to their TPS VCR twins.

Predictors of CMO Performance The diversity of performance across CMO
networks prompts immediate interest in explaining that variation in terms of
attributes of the organizations themselves. The scale and scope of this study
prevents an in-depth analysis of internal practices, but it was possible to examine
features of each organization to see if relationships existed. We learned that many
of the observable characteristics of charter school organizations are not valid
indicators of the expected quality of the charter school. Specifically, there is no
evidence to suggest that maturity, size (by either number of schools or total
enrollment) or the spatial proximity of the schools in the network have any
significant relationship to the overall quality of the CMO portfolio. Interestingly, we
saw little difference in the range of quality within the portfolio -- how much the
individual schools differed from the portfolio average -- either as a function of age
or as a function of the overall level of performance.

We found two factors that had significant influence on the performance of CMOs.
The first was that having operations in multiple states depressed overall
performance, as measured by student learning gains. Since we already ascertained
no difference by geography, we are left to speculate that the complexity of multiple
regulatory environments might require resources that could otherwise be directed
to performance.

50

‘¢! credo



The second exception was selection of an organization as a Charter School Growth
Fund partner. Students attending schools within these organizations had growth in
both math and reading which was significantly larger than realized by TPS students
in schools that did not receive Charter School Growth Fund support. The dramatic
difference in student outcomes suggests that CSGF has developed screening
methods which are highly predictive of an organization’s ability to produce high
academic growth in their students as they replicate schools. Other groups
interested in the promotion of school excellence may wish to investigate the
processes used by CSGF to identify successful schools. Their funded CMOs also
serve as exemplars for instructional and management quality.

Education Management Organizations EMOs are the surprise in this analysis --
and while the individual EMO results show variation just like the CMOs, they appear
to outperform the CMOs, the direct-run independent charters and the TPS local
markets in a consistent fashion.

Table 7: Average Learning Gains Relative to TPS by Organization Type

Organization Type

EMOs .013 .017

CMOs -.005 .005

Direct-run

Independent Charters -.014 .005
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Table 8: Summary of EMO Impacts with Student Population Subgroups

Student Subpopulation Was impact of attending an EMO charter significantly
different from TPS students in same subpopulation?
MATH READING

Students in Poverty Positive Positive

ELL Students Positive Positive

Special Education Positive No Difference

White Students Negative Negative

Black Students Positive Positive

Hispanic Students Positive Positive
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Implications

The findings about CMO growth, replication and performance presented in this
volume create a number of implications for funders, policy makers and authorizers
going forward.

1. Addressing the information barrier that prevents regular assessment of
CMO performance should be a priority for states. Many CMOs have different
authorizers and schools in different states, so aggregating the data to see the
overall performance of CMO s requires agreements across boundaries.

2. CMOs have shown dramatically better results with critical
subpopulations; this wisdom should be captured and shared to provide
even wider education opportunities for underserved students. CMOs with
focused attention to underserved student groups have proven that strong outcomes
in both growth and achievement are possible. Those like KIPP and Uncommon
Schools have shown that it is possible to be effective at scale.

3. Who is permitted to replicate matters enormously. Since improvement
over time is not assured, great care is needed when considering requests for
expansion. CMOs seeking to expand should be required to fully disclose the
performance of all their schools in a consistent and comprehensible format.

4. Consistent replication of schools is possible, but not assured; one-third
do not do it well. The findings show that when it comes to replication, “what you
see is what you get”. A minor fraction of CMOs open schools that are better than
their existing portfolio. Unless the CMO is high quality to begin with, there is only a
small chance that better schools will be born.

5. Scale and quality are not synonyms. Today, less than 6 percent of schools
are charter schools and CMOs comprise about one-fifth of the total. To get the
leverage from CMOs into the larger education community, CMOs must proliferate in
number and size. To get the high quality instruction for students via CMOs, it is
important to focus support and attention on those CMOs that are proven providers.
Such an approach places quality as a pre-requisite for quantity.

6. As for individual schools, what matters most for eventual CMO quality is
to assure that the schools that are started have high performance early.
The story that is revealed by the study of CMOs is analogous to that for individual
charter schools: successive additions to a charter portfolio tend to hover around
the existing average, regardless of the nominal level of performance. Early
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performance of the CMO is related to later performance, so attention in each and
every school to a high quality launch is essential, not just for the students in each
new school but for the history that is created for the remaining life of the CMO.
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Appendix A:

Where is fill in the blank
charter network everyone is
talking about?

The first question many people
will have is, “Where is this
charter network that I'm
interested in? Why isn’t it on
your list?” The simple fact is
that we do not have every
charter network in the country
on this list. There are several
reasons why a charter network
might not be on this list:

1. The network was not in a
state included in this study. —
For this study, we have data
from 23 states, New York City,
and Washington DC. That
makes this one of the largest
studies of its kind.
Unfortunately, we were unable
to negotiate data agreements
with some states. This means
networks located in those
states will not be listed.
Additionally, if a network had
students in both included and
non-included states, only the
students from the included
states were in our dataset.

Individual Organization Effects

The final level of analysis which we undertook was to
evaluate individual charter organizations using
statistical models based on the average growth of their
students as compared to TPS students while controlling
for non-organization charter students as well. © The
results of these analyses provide direct comparable
estimates of the performance of the charter school
organizations in our data set. Tables A.1 — A.4 show
the results of these regressions.

How to interpret these results. There are a lot of
reasons to apply caution when interpreting the results in
any statistical analysis including this one. First and
foremost, these scores are aggregate values. This
means that on average, a student attending a charter
school in these networks will have this level of growth.
Not every student in a network has the same growth.
By definition, we expect roughly half of the students to
be above the network’s average and half to be below
that average. This means that high performing
networks can still have lower performing students and
vice versa. Likewise, these values represent the
average student growth in the network. Some students
may thrive in any school setting and others may
struggle at a school in which most students are
excelling. However, the networks on this list should
have a large enough number of observations that these
average values provide a good estimate of the growth of
students attending schools within the network.

It is also important to keep in mind that while these
growth estimates are over four growth periods this does
not guarantee network growth will not change. In fact,
for some networks we sincerely hope these values will

® For these analyses, we conducted a simple regression with a variable for being a student
in a charter school within each network, a variable for being a charter student non in the
network, and control variables for student characteristics such as race and exceptional

needs status.
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2. The network had fewer than
3 schools at the time of our
data window. The data in this
study runs from 2005/06 to
2009/10. If a charter network
did not open its third school
before this time, they did not
meet our definition for a charter
network and were not included
in this study.

3. Not enough years were
available. — Another limitation
of our data window is that
schools which opened in fall
2009 had only one year of data
in our data set. To calculate
growth scores, we need two
test scores, a pre- and a post-
test. Two data points were not
available for schools which
opened in 2009.

4. Not enough test
observations were available. —
In order to ensure we have a
large enough sample to provide
an acceptable level of statistical
stability for such an important
measure as this analysis, we
chose to present individual
network results only for
networks with at least 60
student observations. This
improves the statistical
properties of the growth
estimates, which in turn
reduces errors in the estimates.

change. However, as these values are based on four
years of growth we feel they are stable enough to be
considered as one measure of growth. Of course, we
encourage the reader to take into consideration other
estimates of performance when evaluating a school. It
is the preponderance of evidence which should be
used to evaluate a school not any single measure.

Tables A.1 — A.4 show information for each network
which was included in our data set. Each table
includes the name of the charter network, the growth
effect for the school, the number of schools in the
network, and the number of growth observations for
the network.’

The growth effect size is the average change in
performance of students attending a network school
compared to the VCR. The effect sizes are measured
in standard deviations. This means that they are
comparable across states and network types.
Essentially, the higher the growth effect size; the more
students in that network improved during the four
years of our data window.

Another important factor to keep in mind is that these
are measures of growth not achievement. Measuring
growth rather than achievement allows us to see how
schools are impacting the performance of their
students instead of just seeing which schools are
attracting higher performing students.

The VCR assists in controlling for prior performance as
well. Since students are matched only to students
with identical characteristics, with similar scores, and
who attended the same set of schools as their TPS
matches, this reduces concerns about charter schools
“cream skimming”. If a charter school attracts a high
performing student, the standard for measuring that
student’s growth is based on the growth of equally

" A growth observation is the change in a student’s score from the previous year. Each
individual student can have anywhere from one to four growth observations in the dataset
depending on factors such as years of enrollment and grade
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high performing TPS students. This greatly reduces the chance that results in this
section are due to charters attracting higher performing students.

The values in the following tables are one measure from multiple years of data.
They can be thought of much like races at the Olympics. While the order of
individual racers may change from one race to another, the faster racers will
consistently beat the slower racers. The same is true of the values in this study.
While some networks may move up or down a few places from year to year as the
data changes, those networks in the upper portion of the list are likely to remain in
the upper portion of the list in the future as we add new data to the five years
analyzed in this study

Table A.1: CMO Network Portfolio Average Reading Growth

CMO Network Reading Growth by

Growth Level Growth
Effect # #
Network Name Size Schools Students
Portable Practical Educational
Preparation Training for
Employment Centers (PPEP &
Affiliates)
Intelli-School Charter High Schools 0.28 ** 5 62 .
Rose Management Group 0.24 ** 3 66 ¢
Breakthrough Schools 0.19 ** 5 934 * *
John H. Wood Jr. Public Charter 0.19 ** 8 1,448 *»
District
American Indian Public Charter 0.18 ** 3 716 *
School
Two Dimensions Preparatory 0.17 ** 3 274 * *»"
Charter
Archimedean Academy 0.15 ** 3 881 .
Mastery Charter Schools 0.14 ** 10 1,702 * *"
IDEA Public Schools 0.13 ** 20 14,646 * *
YES Prep Public Schools 0.13 ** 10 16,248 . *
DC Prep Charter Schools 0.12 ** 3 548 . *
Gulf Shores Academy 0.12 ** 5 298 *
KIPP Delta 0.12 ** 3 229 * *
KIPP Houston 0.12 ** 24 12,792 * .
Neighborhood Centers, Inc. 0.12 ** 4 248 * ¢
(Promise Community School)
Rocklin Academies 0.12 ** 3 368
Uncommon Schools 0.12 ** 1 368 * *"
Uncommon Schools Rochester 0.12 ** 3 272 *» *
Career Success School District 0.11 ** 6 168 ¢ ¢
KIPP Austin 0.11 ** 4 1,206 * *
Life Skills Centers 0.11 ** 37 3,632 *
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CMO Network Reading Growth by
Growth Level

Network Name

Growth
Effect
Size

#

#

Schools Students

University of Texas - University 0.11 ** 18 3,518

Charter School

Varnett School, The 0.11 ** 3 1,570 *» ¢
Oakland International Academy 0.10 ** 3 211 *

Propel Schools 0.10 ** 6 1,747 . .

The Charter Schools of Excellence 0.10 ** 8 181 *
Alliance for College-Ready Public 0.09 ** 21 11,363 * *
Schools

Life Schools 0.09 ** 5 8,644

Rapoport Academy Public School 0.09 ** 3 900 . .

(East Waco Innovative School

Development Inc.)

Uplift Education 0.09 ** 19 14,052 ¢
High Tech High 0.08 ** 13 8,622

KIPP DC 0.08 ** 9 2,675 * .

KIPP New Orleans 0.08 ** 6 1,596 *» *"
Uncommon Schools New York City 0.08 ** 12 1,289 * *"

United Neighborhood Organization 0.08 ** 10 871 ¢ *
Charter School (UNO)

Camino Nuevo 0.07 ** 5 3,370 " *
Golden Rule Charter School 0.07 * 5 368 * .
Harmony Schools (Cosmos 0.07 ** 34 30,848 ¢

Foundation, Inc.)

KIPP Bay Area 0.07 ** 7 4,680 ¢

KIPP LA 0.07 ** 4 1,084 * .
KIPP New York City 0.07 ** 8 3,181 * ¢
Mastery Learning Institute (Arthur 0.07 ** 7 573

Academy)

The Classical Academy 0.07 ** 4 4,790

Doral Academy 0.06 ** 4 6,326 *
Pinnacle Education, Inc. 0.06 * 8 203

Texas Boys Choir 0.06 ** 3 1,954

Betty Shabazz International Charter 0.05 ** 3 579 0 *
School

Confluence Academies 0.05 ** 5 1,353 *»" *"

Daisy Education Corporation (DEC) 0.05 ** 7 1,138

(Sonoran Science Academy)

eStem Public Charter Schools 0.05 ** 3 775

Green Dot Public Schools 0.05 ** 20 15,293 * .
Ombudsman Educational Services, 0.05 10 141 ¢
Ltd.,a subsidiary of Educational

Services of America

Rylie Family Faith Academies, Inc. 0.05 ** 3 6,896 *" *"
Academy of Tucson 0.04 ** 3 854

Cesar Chavez Academy District 0.04 ** 4 1,710 . .
Mater Academy, Inc. 0.04 ** 15 12,117 . *
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CMO Network Reading Growth by
Growth Level

Network Name

Growth
Effect
Size

#

Schools Students

South Texas Education 0.04 4 514 . .
Technologies, Inc.

Constellation Schools 0.03 ** 19 2,359 ¢

Golden Valley Charter Schools, Inc. 0.03 3 426

KIPP Metro Atlanta 0.03 ** 7 2,205 . .

KIPP National 0.03 ** 40 16,629 . ¢
Opportunities for Learning 0.03 ** 6 13,081 O .
Pinecrest Academy 0.03 ** 7 2,769 .
Somerset Academy 0.03 ** 29 8,413 ¢
Trinity Charter Schools 0.03 5 830 0

American Quality Schools 0.02 * 9 3,111 ¢ *

Aspire Public Schools 0.02 ** 32 14,087 . .
California Montessori Project 0.02 ** 6 2,341 %

GEO Foundation 0.02 * 5 1,399 *

Lisa Academies 0.02 5 695

Richard Allen Schools 0.02 4 867 * .
Riverwalk Education Foundation, 0.02 ** 4 1,474 ¢ ¢
Inc.

School of Excellence in Education 0.02 ** 8 8,838 * .
(SEE)

University of Chicago Charter 0.02 4 1,068 O *
School Corporation

University Preparatory Academy 0.02 ** 6 1,830 * *”
Accelerated School, The 0.01 3 2,326 *»" *»”
Algiers Charter School Assoc. 0.01 * 10 2,798 . *

Carl C. Icahn Charter Schools 0.01 4 298 " *
EdVantages Academies 0.01 8 1,415 * *

Faith Family Academy Charters 0.01 6 2,130 *

Inner City Education Foundation 0.01 * 14 4,511 . *”

(ICEF)

Jubilee Academic Center, Inc. 0.01 9 1,228 * *
Southwest Schools (Educational 0.01 9 3,738 * .
Leadership Inc.)

Benjamin Franklin Charter Schools 0.00 4 3,007

Celerity Educational Group 0.00 5 1,148 . .
Leadership Public Schools 0.00 5 3,139 *»" *
Aspira Inc. of lllinois -0.01 6 47 *" .
Brazos School for Inquiry & -0.01 4 972 *

Creativity (BSIC) - Democratic

Schools Research Inc.

Center for Academic Success -0.01 5 495 . .
Chandler Park Academy -0.01 3 1,973 *»" *"
Friendship Schools -0.01 * 9 5,503 . *

Hope Academies -0.01 ** 14 6,001 " *»

Island Village Montessori -0.01 3 488
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Leading Edge Academy -0.01 7 619
Marvin L. Winans Academy of -0.01 3 1,769 . *
Performing Arts
New Frontiers Charter School Inc. -0.01 3 1,818 *»" *»”
Partnerships for Uplifting -0.01 * 12 6,244 . .
Communities (PUC)
Pontiac Academy for Excellence -0.01 3 752 * ¢
TechEd Ventures -0.01 4 1,634 . *
Villages Charter Schools, The -0.01 3 907
Willam E. Doar Jr. Public Charter -0.01 3 270 . *
School for the Performing Arts
Achievement First -0.02 * 10 2,527 * *"
Altus Institute Network of Charter -0.02  ** 3 3,479 .
Schools
Cesar Chavez Academy -0.02 4 1,653 ¢ ¢
Chicago International Charter -0.02 ** 15 5,349 .
Schools
FirstLine Schools (formerly Middle -0.02 5 1,081 * *
School Advocates, Inc.)
Magnolia Science Academy -0.02 ** 13 2,692 .
(Magnolia Foundation)
Options for Youth -0.02 ** 7 13,346 .
Perspectives Charter Schools -0.02 * 5 1,053 0 *
Pointe Schools -0.02 3 1,488
Vista Academies -0.02 14 1,834
AmeriSchools (Ideabanc, Inc.) -0.03 * 7 813 ¢
ASPIRA of Florida, Inc. -0.03 ** 3 3,665 . .
Broward Community Schools -0.03 4 700 ¢
Distance and Electronic Learning -0.03 ** 3 2,248
Academy (DELA)
Envision Schools -0.03 ** 5 2,289 ¢
K12, Inc. -0.03 ** 28 42,448
Minnesota Transition Schools (MTS) -0.03 ** 9 1,923
Responsive Educations Solutions -0.03 13 654
(RES)
Center City Public Charter Schools -0.04 * 7 524 ¢ *
Cesar Chavez PCS for Public Policy -0.04 ** 3 1,704 * *
McKeel Academies -0.04 ** 3 4,493
Tracy Learning Center -0.04 ** 3 2,453
Community Academy PCS -0.05 ** 5 658 * *
Crescendo Schools -0.05 ** 6 619 . *
Imagine Schools -0.05 ** 90 25,676 ¢
King/Chavez -0.05 ** 6 2,755 *" *"
Shekinah Learning Institute, Inc. -0.05 ** 17 4,710 * .
Summit Academies -0.05 ** 33 1,409 .
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CMO Network Reading Growth by
Growth Level

Network Name

Growth
Effect
Size

#

#

Schools Students

Advance Baton Rouge Charter -0.06 ** 5 1,149 " *
Schools

Innovative Teaching Solutions -0.06 ** 3 1,944 * *”
Lighthouse Academies -0.06 ** 13 4,077 *»" *"
Premier High School -0.06 ** 16 10,522 . .
Sobriety High School -0.06 4 76

CASY Country Day School -0.07 * 3 117

Education for Change -0.07 ** 3 1,880 *»" *»"
Espiritu Community Development -0.07 ** 3 958 . .
Corp.

Franklin Arts Academies -0.07 ** 3 182

Howard Road PCS -0.08 ** 4 502 . *
Kingman Academy of Learning -0.08 ** 4 1,753

Learning Foundation and -0.08 ** 3 583 .

Performing Arts (CAFA, Inc)

Arizona Academy of Leadership -0.09 * 3 93 * ¢
Arizona Community Development -0.09 ** 3 1,866 .

Corporation

Calvin Nelms Charter Schools -0.09 ** 5 1,564

Capital One - New Beginnings -0.09 ** 6 1,647 * *
Charter School Network

Gateway Community Charters -0.09 ** 7 5,491 ¢

Metro Charter Academy -0.09 ** 3 572 . *
Omega Academy, Inc. -0.09 ** 8 464 * ¢
See Forever Foundation (Maya -0.10 ** 4 483 *
Angelous PCS)

Honors Academy -0.11  ** 8 3,984 ¢

Orenda Education -0.11  ** 5 372

Bay Area Charter School, Inc. -0.12  ** 3 1,120

Excel Academy (FL) -0.13  ** 3 74 * *
Tucson International Academy -0.13 ** 4 148 " ¢
Academies of Excellence -0.16 ** 3 314

New America Schools -0.16 ** 6 225 ¢ *
Skyline Schools, Inc. -0.16  ** 7 283 .

America CAN! -0.17 ** 10 26,558 * .
Richard Milburn Academies -0.17 ** 17 10,282 .

(subsidiary of NonPublic

Educational Services International)

Paradigm Accelerated Charter -0.18 ** 4 636

Schools

Student Alternatives Program -0.22  ** 9 6,538 . .
Incorporated

Southwest Winners Foundation, Inc. -0.24 ** 5 4,960 * *
Winfree Academy Charter School -0.36  ** 6 9,238

Por Vida, Inc. -0.37 ** 3 1,532 *»" *»"
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CMO Network Reading Growth by
Growth Level

# # % % %
Network Name Schools Students Black Hisp

Information Referral Resource -0.39 ** 9 2,744 " "
Assistance, Inc. (IRRA) (One Stop

Multiservice Charter School)

Gulf Coast Council of Laraza -0.44 ** 3 792 * *

* Significant at the .05 level, **significant at the .01 level
¢ Population makes up 50%-75% of enrollment, ¢¢ Population makes up 75%+ of enroliment, ¢ Data not reported
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Table A.2: CMO Network Portfolio Average Math Growth

CMO Network Math Growth by
Growth Level

# # % %
Network Name Schools Students Black Hisp
American Indian Public Charter
School
Portable Practical Educational 0.30 ** 17 197 . .
Preparation Training for
Employment Centers (PPEP &
Affiliates)
Humanities and Sciences Academy 0.26 ** 7 119
of the United States, Inc.
Rose Management Group 0.25 ** 3 124 ¢
Intelli-School Charter High Schools 0.22 ** 5 93 ¢
Two Dimensions Preparatory 0.21 ** 3 238 . .
Charter
Mastery Charter Schools 0.20 ** 10 1,682 * *»"
Breakthrough Schools 0.19 ** 5 919 * *
YES Prep Public Schools 0.19 ** 10 16,162 ¢ *
Neighborhood Centers, Inc. 0.17 ** 4 236 . .
(Promise Community School)
Uncommon Schools 0.17 ** 1 357 * *
Uncommon Schools New York City 0.17 ** 12 1,290 . *
Archimedean Academy 0.16 ** 3 885 .
Propel Schools 0.16 ** 6 1,729 . .
KIPP LA 0.15 ** 4 1,097 * .
Camino Nuevo 0.14 ** 5 2,500 * *
KIPP Bay Area 0.14 ** 7 4,395 .
KIPP DC 0.14 ** 9 2,603 * *
Opportunities for Learning 0.14 ** 6 3,620 % ¢
Varnett School, The 0.14 ** 3 1,522 *» ¢
DC Prep Charter Schools 0.11 ** 3 530 * *
Uplift Education 0.11 ** 19 13,966 .
IDEA Public Schools 0.10 ** 20 14,576 * *
Aspire Public Schools 0.09 ** 32 13,103 . .
Career Success School District 0.09 ** 6 171 ¢ ¢
Carl C. Icahn Charter Schools 0.09 ** 4 395 * .
Celerity Educational Group 0.09 ** 5 1,144 " ¢
KIPP Austin 0.09 ** 4 1,186 * *
The Classical Academy 0.09 ** 4 4,780
KIPP Houston 0.08 ** 24 12,718 *» *
Ombudsman Educational Services, 0.08 ** 10 186 ¢
Ltd.,a subsidiary of Educational
Services of America
Rocklin Academies 0.08 ** 3 365
The Charter Schools of Excellence 0.08 ** 8 180 ¢
Uncommon Schools Rochester 0.08 ** 3 264 * *
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KIPP New York City 0.07 ** 8 3,188 * ¢
Oakland International Academy 0.07 ** 3 233 .

Confluence Academies 0.06 ** 5 1,354 *»" *»"

Daisy Education Corporation (DEC) 0.06 ** 7 1,138

(Sonoran Science Academy)

Doral Academy 0.06 ** 4 6,125 *
KIPP New Orleans 0.06 ** 6 1,592 *» *»
Benjamin Franklin Charter Schools 0.05 ** 4 3,001

Betty Shabazz International Charter 0.05 ** 3 577 0 .
School

GEO Foundation 0.05 ** 5 1,441 *

KIPP Delta 0.05 * 3 217 * *

KIPP Metro Atlanta 0.05 ** 7 2,077 . *

KIPP National 0.05 ** 40 16,379 . .

Mater Academy, Inc. 0.05 ** 15 11,713 . *
Options for Youth 0.05 ** 7 5,332 0 .
Partnerships for Uplifting 0.05 ** 12 5,290 * *
Communities (PUC)

Pinnacle Education, Inc. 0.05 * 8 307

Academy of Tucson 0.04 ** 3 840

Cesar Chavez Academy District 0.04 ** 4 1,770 * *
Crescendo Schools 0.04 ** 6 636 * *
Villages Charter Schools, The 0.04 ** 3 902

Golden Rule Charter School 0.03 5 350 " "
Life Schools 0.03 ** 5 8,492

Mastery Learning Institute (Arthur 0.03 7 585

Academy)

Pontiac Academy for Excellence 0.03 * 3 795 . .
Richard Allen Schools 0.03 * 4 888 " "
University Preparatory Academy 0.03 ** 6 1,838 * *
Chicago International Charter 0.02 ** 15 5,377 *
Schools

Education for Change 0.02 * 3 1,884 . .
Magnolia Science Academy 0.02 ** 13 2,510 ¢

(Magnolia Foundation)

Somerset Academy 0.02 ** 29 8,324 .
United Neighborhood Organization 0.02 10 900 O *
Charter School (UNO)

University of Chicago Charter 0.02 4 1,079 0 *

School Corportation

Achievement First 0.01 10 2,553 ¢ "
California Montessori Project 0.01 6 2,291

Constellation Schools 0.01 19 2,359 *

EdVantages Academies 0.01 8 1,430 * *

Texas Boys Choir 0.01 3 1,952
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CMO Network Math Growth by
Growth Level

Network Name

Growth
Effect
Size

#
Schools

#
Students

University of Texas - University 0.01 18 3,532

Charter School

Algiers Charter School Assoc. 0.00 10 6,820 * *
Alliance for College-Ready Public 0.00 21 10,822 . .
Schools

Harmony Schools (Cosmos 0.00 34 30,692 ¢

Foundation, Inc.)

John H. Wood Jr. Public Charter 0.00 8 1,582 .

District

King/Chavez 0.00 6 2,713 * *
Rapoport Academy Public School 0.00 3 904 . .

(East Waco Innovative School

Development Inc.)

Altus Institute Network of Charter -0.01 * 3 2,819 *

Schools

Calvin Nelms Charter Schools -0.01 5 1,570

Green Dot Public Schools -0.01 * 20 13,941 *»" *»"
Life Skills Centers -0.01 37 2,363 .
Student Alternatives Program -0.01 * 9 6,876 *»" *»"
Incorporated

Vista Academies -0.01 14 1,782

Brazos School for Inquiry & -0.02 4 1,006 *

Creativity (BSIC) - Democratic

Schools Research Inc.

eStem Public Charter Schools -0.02 3 812

Friendship Schools -0.02 ** 9 5,409 . *
Lighthouse Academies -0.02 ** 13 4,098 * *
McKeel Academies -0.02 ** 3 4,399

Pinecrest Academy -0.02 * 7 2,757 .
Premier High School -0.02 ** 16 10,866 . .
Rylie Family Faith Academies, Inc. -0.02 ** 3 6,764 *" *"
Cesar Chavez PCS for Public Policy -0.03 ** 3 1,635 *»" *»"
Gateway Community Charters -0.03 ** 7 4,216 .

Inner City Education Foundation -0.03 ** 14 4,145 ¢ "

(ICEF)

Leading Edge Academy -0.03 * 7 602

School of Excellence in Education -0.03 ** 8 8,784 *»" *
(SEE)

TechEd Ventures -0.03 ** 4 1,585 . .
Accelerated School, The -0.04 ** 3 2,013 * *
High Tech High -0.04 ** 13 6,664

Jubilee Academic Center, Inc. -0.04 ** 9 1,220 *»" *»"
Kingman Academy of Learning -0.04 ** 4 1,728

Lisa Academies -0.04 * 5 614

Marvin L. Winans Academy of -0.04 ** 3 1,768 * *

Performing Arts
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CMO Network Math Growth by
Growth Level

Network Name

Growth
Effect
Size

#
Schools

#
Students

%
Black

%

Riverwalk Education Foundation, -0.04 ** 4 1,450 ¢ ¢

Inc.

Trinity Charter Schools -0.04 ** 5 874 0

AmeriSchools (Ideabanc, Inc.) -0.05 ** 7 814 ¢

Broward Community Schools -0.05 ** 4 699 .

Center for Academic Success -0.05 ** 5 515 ¢ ¢
Espiritu Community Development -0.05 ** 3 953 . *"
Corp.

FirstLine Schools (formerly Middle -0.05 ** 5 1,100 * *

School Advocates, Inc.)

Hope Academies -0.05 ** 14 6,084 . .

South Texas Education -0.05 * 4 474 ¢ *
Technologies, Inc.

Southwest Schools (Educational -0.05 ** 9 3,724 . .
Leadership Inc.)

Tracy Learning Center -0.05 ** 3 1,999

American Quality Schools -0.06 ** 9 3,342 . .
ASPIRA of Florida, Inc. -0.06 ** 3 3,673 *» ¢
Cesar Chavez Academy -0.06 ** 4 1,644 . .
Faith Family Academy Charters -0.06 ** 6 2,106 *

Franklin Arts Academies -0.06 * 3 181

Golden Valley Charter Schools, Inc. -0.06 ** 3 418

Gulf Shores Academy -0.06 5 300 .
Summit Academies -0.06 ** 33 1,461 ¢

Leadership Public Schools -0.07 ** 5 2,593 * .
Perspectives Charter Schools -0.07 ** 5 1,058 O *»"

Pointe Schools -0.07 ** 3 1,513

America CAN! -0.08 ** 10 37,744 *»" ¢
Aspira Inc. of lllinois -0.08 ** 6 762 0 *"
Capital One - New Beginnings -0.08 ** 6 1,669 * *
Charter School Network

Community Academy PCS -0.08 ** 5 627 . .
Imagine Schools -0.08 ** 90 25,724 .

Innovative Teaching Solutions -0.08 ** 3 1,943 * *
Omega Academy, Inc. -0.08 ** 8 485 * ¢
Richard Milburn Academies -0.08 ** 17 10,465 .

(subsidiary of NonPublic

Educational Services International)

Willam E. Doar Jr. Public Charter -0.08 ** 3 257 ¢ *
School for the Performing Arts

Bay Area Charter School, Inc. -0.09 ** 3 1,048

Chandler Park Academy -0.09 ** 3 1,980 * *
Distance and Electronic Learning -0.09 ** 3 2,218

Academy (DELA)

Honors Academy -0.09 ** 8 3,990 ¢

Orenda Education -0.09 ** 5 408
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Howard Road PCS -0.10 ** 4 477 ¢ "
New Frontiers Charter School Inc. -0.10 ** 3 1,804 . .
Responsive Educations Solutions -0.10 ** 13 646
(RES)
See Forever Foundation (Maya -0.10 ** 4 467 .
Angelous PCS)
Arizona Community Development -0.11  ** 3 1,841 ¢
Corporation
CASY Country Day School -0.11  ** 3 120
Center City Public Charter Schools -0.11  ** 7 492 ¢ *
K12, Inc. -0.11  ** 28 41,582
Minnesota Transition Schools (MTS) -0.11  ** 9 1,226
Advance Baton Rouge Charter -0.12  ** 5 1,167 . .
Schools
Island Village Montessori -0.12  ** 3 492
Learning Foundation and Performing -0.12 ** 3 533 .
Arts (CAFA, Inc)
Arizona Academy of Leadership -0.13 ** 3 91 * .
Envision Schools -0.13  ** 5 1,026 .
Skyline Schools, Inc. -0.13  ** 7 299 ¢
Information Referral Resource -0.15  ** 9 2,856 * *
Assistance, Inc. (IRRA) (One Stop
Multiservice Charter School)
Shekinah Learning Institute, Inc. -0.15 ** 17 4,580 * .
Tucson International Academy -0.16  ** 4 163 * .
New America Schools -0.17 ** 6 230 ¢ *
Paradigm Accelerated Charter -0.17 ** 4 652
Schools
Winfree Academy Charter School -0.17 ** 6 10,036
Academies of Excellence -0.22 ** 3 305
Southwest Winners Foundation, Inc. -0.22 ** 5 5,128 ¢ ¢
Metro Charter Academy -0.25 ** 3 558 . .
Por Vida, Inc. -0.25 ** 3 1,608 *»" *»"
Excel Academy (FL) -0.27 ** 3 68 * *
Gulf Coast Council of Laraza -0.31  ** 3 788 * *

* Significant at the .05 level, **significant at the .01 level
¢ Population makes up 50%-75% of enroliment, ¢¢ Population makes up 75%+ of enrollment, ¢ Data not reported
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Table A.3: EMO Company Reading Growth

EMO Company Reading Growth by
Growth Level

Company Name

SIATech (School for Integrated 0.20 8 1,465

Academics and Technologies)

Archimedean Academy 0.15 ** 3 881 .
Accelerated Learning Solutions 0.14 ** 10 1,304

Great Hearts Academies 0.07 ** 7 2,031

Doral Academy 0.06 ** 4 6,326 *
Confluence Academies 0.05 ** 5 1,353 * .

Cesar Chavez Academy District 0.04 ** 4 1,710 *" *"
Concept Schools 0.04 ** 27 3,885 * .

Mater Academy, Inc. 0.04 ** 15 12,117 ¢ *
National Heritage Academies 0.03 ** 71 53,492 * .
Pinecrest Academy 0.03 ** 7 2,769 *»
Somerset Academy 0.03 ** 29 8,413 *
Learning Matters Educational Group 0.02 4 906

(LMEG)

Academica 0.01 ** 26 16,996

Edison Learning 0.01 ** 55 24,093 *

Insight Schools, Inc. 0.01 6 136

Connections Academy, Inc. 0.00 24 9,382

Global Educational Excellence 0.00 15 2,261 *

Hamadeh Educational Services 0.00 6 2,341 *

The Romine Group, LLC 0.00 5 4,675 * .
Victory Schools 0.00 14 3,277 *"

Charter Schools USA -0.01  ** 37 25,202

Friendship Schools -0.01 * 9 5,503 ¢ *
Salvaging Teens at Risk, Inc. (The -0.01 6 2,356

Education Center)

Charter School Associates -0.02 ** 12 2,839 ¢
Chicago International Charter Schools -0.02  ** 15 5,349 .
Broward Community Schools -0.03 4 700 *

Charter School Administration Services -0.03 ** 19 8,714 * *

Leona Group, LLC -0.03 ** 69 11,806 *

Minnesota Transition Schools (MTS) -0.03 ** 9 1,923

Innovative Education Management -0.04 ** 5 8,843

Mosaica -0.04 ** 34 10,162 .

Sabis International Schools Network -0.04 ** 9 6,775 ¢ ¢

Evans Solution Management -0.05 ** 12 425 *»” *"
Company (Blanche Kelso Bruce)

Howard Road PCS -0.08 ** 4 502 * "

Ed Futures, Inc -0.10 ** 5 864 * .

Rader Group -0.11  ** 6 1,157 3

* Significant at the .05 level, **significant at the .01 level
¢ Population makes up 50%-75% of enrollment, ¢¢ Population makes up 75%+ of enroliment, ¢ Data not reported
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Table A.4: EMO Company Math Growth

EMO Company Math Growth

by Growth Level Number  Number

of of
Company Name Schools Students
Archimedean Academy 0.16 ** 3 885 ¢
Great Hearts Academies 0.15 ** 7 2,031
Hamadeh Educational Services 0.07 ** 6 2,429 *»"
Accelerated Learning Solutions 0.06 ** 10 839
Concept Schools 0.06 ** 27 3,956 " *
Confluence Academies 0.06 ** 5 1,354 . *
Doral Academy 0.06 ** 4 6,125 *»"
Mater Academy, Inc. 0.05 ** 15 11,713 . *
Cesar Chavez Academy District 0.04 ** 4 1,770 * *
National Heritage Academies 0.04 ** 71 53,979 . *
Edison Learning 0.03 ** 55 24,232 *
Learning Matters Educational Group (LMEG) 0.03 * 4 911
Chicago International Charter Schools 0.02 ** 15 5,377 3
SIATech (School for Integrated Academics 0.02 8 719
and Technologies)
Somerset Academy 0.02 ** 29 8,324 *
Global Educational Excellence 0.01 15 2,430 *»
Academica -0.02 ** 26 16,485
Charter Schools USA -0.02  ** 37 24,885
Friendship Schools -0.02 ** 9 5,409 . *
Leona Group, LLC -0.02 ** 69 12,340 *"
Pinecrest Academy -0.02 * 7 2,757 *»"
Charter School Administration Services -0.04 ** 19 8,872 . *
Salvaging Teens at Risk, Inc. (The -0.04 ** 6 2,278
Education Center)
The Romine Group, LLC -0.04 ** 5 4,766 . *
Victory Schools -0.04 ** 14 3,331 *»"
Broward Community Schools -0.05 ** 4 699 .
Mosaica -0.05 ** 34 10,207 ¢
Sabis International Schools Network -0.05 ** 9 7,041 ¢ ¢
Evans Solution Management Company -0.06 ** 12 438 * *
(Blanche Kelso Bruce)
Charter School Associates -0.07 ** 12 2,840 .
Connections Academy, Inc. -0.07 ** 24 9,175
Ed Futures, Inc -0.10 ** 5 852 *» *
Howard Road PCS -0.10 ** 4 477 ¢ *
Minnesota Transition Schools (MTS) -0.11  ** 9 1,226
Innovative Education Management -0.13 ** 5 7,156
Rader Group -0.14 ** 6 1,092 .
Insight Schools, Inc. -0.26 ** 6 79

* Significant at the .05 level, **significant at the .01 level
¢ Population makes up 50%-75% of enrollment, ¢¢ Population makes up 75%+ of enroliment, ¢ Data not reported
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Appendix B: Super-Network Profiles

In the sections which follow, we present breakouts for each super-net. Each
breakout includes a review of the overall performance of the super-network as well
as subpopulation analyses based on the characteristics of students attending super-
network schools.

Figure 30 is a repeat of the overall super-network results given in the main body of
this volume.

Figure 30: Impact of Attending a Super-Network Charter School Compared to TPS
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-0.10 : -
KIPP Responsive Uncommon White Hat
B Reading 0.07** -0.06** 0.10** 0.02**
Math 0.08** -0.02 0.14** -0.06**

KI1PP

Overall, students attending KIPP affiliated charter schools had significant positive
effects in both math and reading. While the overall effects on growth for students
attending KIPP schools are significant and positive, it is important to also examine
the results by subpopulation. The intent of these analyses is to determine if KIPP
has differential effects on student academic growth based on student
characteristics.
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Categorical Subpopulations Figures 31 - 33 show the impact of attending a KIPP
affiliated charter school on student growth for students by various subpopulations.
The comparison group for this analysis was regular TPS students.

Students in poverty attending a KIPP school have significant positive growth effects
in both math and reading. Further, the positive effect in math is large enough that
it completely cancels out the negative effect associated with being in poverty. In
other words, poverty students who attend KIPP schools on average grow as much
in math as non-poverty students attending TPS. The results in reading are not as
strong as in math, but are large nonetheless.

Figure 31: Full Effects Math and Reading Growth, KIPP Poverty Students

0.00 mTPS

0.00
non-KIPP Charter Math

-0.05 KIPP Math

. M non-KIPP Charter Read

-0.10 M KIPP Charter Read

-0.15 Students in
poverty attending
KIPP schools had

-0.20 _
stronger growth in
math than White

-0.25 TPS students. Their
growth in reading

-0.30 was almost as

Math Read good.

The growth for ELL students is also significant and positive. Although these effects
at are not as large as the negative effect associated with being an ELL student, the
impact for ELL students of attending a KIPP school is still moderate when compared
to most education interventions. In reading, ELL students attending non-KIPP
charter schools had stronger growth than ELL KIPP students. Both types of charter
students had stronger growth when compared to TPS ELL students. KIPP ELL
students had stronger growth in math than both TPS and non-KIPP students.
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Figure 32: Full Effects Math and Reading Growth, KIPP ELL Students
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The effect for SPED students attending a KIPP school is also positive and significant.
Again, these values are much smaller than the negative effect associated with being
a SPED student. However, the KIPP effects are far larger than those for attending a
non-KIPP charter school. This indicates that on average KIPP is having a positive
effect on the growth of its SPED students.

Figure 33: Full Effects Math and Reading Growth, KIPP SPED Students
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Non-KIPP math was
not significantly
-0.30 different from TPS

Math Read math.

-0.10

-0.15

-0.20

-0.25

72

'C! credo



The impacts on growth are significant and positive for students in poverty, ELL, and
SPED. It can be said that on average students from all three of these
subpopulations benefit from attending KIPP affiliated charter schools rather than
attending TPS.

Racial / Ethnic Subpopulations When evaluating the performance of education
policies, it is also important to analyze the effectiveness of the intervention, in this
case attending a KIPP network charter school, by their impact on students of
different racial and ethnic backgrounds. Figures 34 - 36 display the results for the
racial/ethnic subgroup analyses. In these analyses, the comparison group was
white TPS students.

Figure 34: Full Effects Math and Reading Growth, KIPP White Students

0.08 u TPS
LT non-KIPP Charter Math
0.04 ' KIPP Math
0.00 0.00 MW non-KIPP Charter Read
0.00 J BKIPP Charter Read
-0.01**
-0.04 ———— White students at
KIPP do better
_0.08 than white TPS
students.
White students at
-0.12 non-KIPP
charters do
_0.16 worse then white
Math Read TPS students.

Students from all three racial/ethnic groups had stronger growth if they enrolled in
KIPP. The effects were significant and positive in both subjects for all three groups
except reading for white students which was positive but not significant. For white
students, the effect of attending a KIPP charter was moderate in math and
statistically no different in reading (see Figure 34). The 0.00 values in Figure 34
represent the comparison groups of white TPS students.
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Figure 35: Full Effects Math and Reading Growth, KIPP Black Students
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non-KIPP Charter Math
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-0.04 better in both
-0.07 KIPP and
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in KIPP charters.
-0.16
Math Read

The effect of attending a KIPP charter school were larger for black students than for
white students; however, the effects for black students of attending a KIPP charter
school were not large enough to offset the effect associated with being a black
student. This is why black KIPP students in Figure 35 have a negative value while
white KIPP students in Figure 34 have a positive number even though the KIPP
effect was stronger for black students than for white students.

Figure 36: Full Effects Math and Reading Growth, KIPP Hispanic Students

0.08 ETPS
non-KIPP Charter Math
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Hispanic students
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than TPS white
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Math Read
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The effect sizes from attending a KIPP charter for Hispanic students were not only
large, but the impact of attending a KIPP charter exceeded the negative effect
typically associated with Hispanic students. Hispanic students attending KIPP not
only had stronger growth than Hispanic and white TPS students, but had total
growth in both math and reading almost as large as white students attending KIPP.

Urbanicity The final subpopulation analysis we conducted was to evaluate growth
by urbanicity. Figures 37 - 40 include the effect on growth for each urbanicity
category. The urbanicity categories used for this and subsequent urbanicity
analyses are the locale codes (urban, suburban, town, and rural) defined by the
National Center for Educational Statistics. The comparison group for all urbanicity
analyses was suburban TPS students.

Figure 37: Full Effects Math and Reading Growth, KIPP Urban Subpopulations
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Qe H non-KIPP Charter Read
0.05 B KIPP Charter Read
KIPP's urban

students have
stronger math
and reading
growth than the
-0.05 average TPS
suburban student.
This means KIPP
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0.00
- )

-0.02** -0.01**
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outgrow the
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Math Read student.

KIPP's urban students have stronger math and reading growth than the average
TPS suburban student. This means KIPP urban students outgrow not only TPS
urban students but also the average TPS students as well. Suburban KIPP students
also had stronger growth than TPS or non-KIPP charter students. Growth for KIPP
students in small towns eclipsed growth for similar TPS students. KIPP students in
the town classification had the strongest growth of any KIPP students.
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Figure 38: Full Effects Math and Reading Growth, KIPP Suburban Subpopulations
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Figure 39: Full Effects Math and Reading Growth, KIPP Town Subpopulations
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Growth for KIPP
students in small
towns eclipsed
growth for similar
TPS students by
.16 SD. This
group had the
strongest growth
of any KIPP
students.
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Figure 40: Full Effects Math and Reading Growth, KIPP Rural Subpopulations
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With the exception of rural students in math, all other classes of students in this
analysis had significant positive effects for attending KIPP. As Figures 37 - 40
show, TPS students from all other locales performed lower than suburban TPS
students. Among KIPP students, those in urban, suburban, and town settings had
significantly stronger growth than TPS suburban students in both reading and math.
Rural students had stronger growth in reading, but growth in math was not
significantly different from TPS suburban students. This means that KIPP students
in all locales except math for rural students had growth which was significantly
stronger than the strongest growing TPS sector; thus all the bars for KIPP charters
in figures 37 - 40 are above 0.00.

Summary The subpopulation analyses show that KIPP at minimum meets a basic
expectation of “do no harm” for its students. Beyond this minimal expectation,
attending a KIPP affiliated charter school was of definite benefit to the majority of
students from a wide variety of student characteristics and urbanicities.
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Responsive Education Solutions

Overall, students attending Responsive Ed affiliated charter schools had a non-
significant negative impact in math and a significant negative impact in reading
(see Figure 30 above). This means that on average, students would have had
stronger growth attending a TPS.

While the overall effects on growth for students attending Responsive Ed schools
are negative, it is still important to examine the results by subpopulation. The
intent of these analyses is to determine if Responsive Education Solutions has
differential effects on student academic growth based on student characteristics.

Categorical Subpopulations Figures 41 - 43 show the impact of attending a
Responsive Ed affiliated charter school on student growth students in various
subpopulations. The comparison group for these analyses was average TPS
students.

Figure 41: Full Effects Math and Reading Growth, Responsive Ed Poverty Students
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-0.25

Students in poverty attending a Responsive Ed school have a small but significant
positive effect in math and a significant negative effect in reading. Even though
Responsive Ed students had a positive effect in math, both Responsive Ed’s effect in
math and the negative effect in reading are indicative of weaker growth than that
for non-Responsive Ed charter students.
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Figure 42: Full Effects Math and Reading Growth, Responsive Ed ELL Students
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The results for ELL students are significant and positive in both subjects.
effects are large although the negative effects associated with being an ELL student
are larger. The impact for ELL students of attending a Responsive Ed school is still
large when compared to most education interventions.
attending Responsive Ed schools had stronger growth in both math and reading

than similar TPS or non-Responsive Ed students.

Further, ELL students

Figure 43: Full Effects Math and Reading Growth, Responsive Ed SPED Students
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79

'C! credo

These




The effect for SPED students is also positive and significant. While at 0.16 standard
deviations in math and 0.18 standard deviations in reading, the effects for SPED
students are smaller than the negative effect associated with being a SPED student,
they are very large for an educational intervention and are much larger than the
effects for non-Responsive Ed charter or TPS SPED students.

Racial /7 Ethnic Subpopulations It is also important to analyze the effectiveness
of Responsive Ed schools by their impact on students of different racial and ethnic
backgrounds. Specifically, we wish to determine if attending a Responsive Ed
affiliated charter school has different effects based on whether the student is white,
black, or Hispanic. Figures 44 - 46 display the results for the racial/ethnic subgroup
analysis. In this analysis, the comparison group was white TPS students.

Figure 44: Full Effects Math and Reading Growth, Responsive Ed White Students
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Overall, students from all three racial/ethnic groups had weaker growth if they
enrolled in Responsive Ed. None of the effects in math were significantly different
from the growth of TPS students of the same race. The effects were significant and
negative in reading for all three groups. For white students, the effect was small in
math and moderate in reading. While the reading effects for black students were
similar in size to the white students, they must be combined with the effect
associated with being a black student to show the full effect differences. Figure 44
shows that the combination of both effects means black students attending
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Responsive Ed grew almost one-fourth of a standard deviation less in reading than
white TPS students.

Figure 45: Full Effects Math and Reading Growth, Responsive Ed Black Students
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Figure 46: Full Effects Math and Reading Growth, Responsive Ed Hispanic Students
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While the effect sizes of attending Responsive Ed charters for Hispanic students
were not as large as the effects from attending Responsive Ed charters for black
students, these effects were also negative and similarly must be added to the
existing negative effect associated generally with being a Hispanic student. Again,
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the combination of general negative ethnic related effects with the additional
Responsive Ed related negative effects indicates significant growth deficiencies for
Hispanic students attending Responsive Ed schools as compared to white TPS
students.

Urbanicity The final set of subpopulation analyses we conducted was to evaluate
growth by locale. Figures 47 - 50 include the effects on growth for each locale. As
above, the urbanicity categories used are the Locale codes defined by the National
Center for Educational Statistics. The comparison group for these graphs was
suburban TPS students.

Figure 47: Full Effects Math and Reading Growth, Responsive Ed Urban
Subpopulations
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With the exception of suburban students, we again found no significant differences
in math growth for students attending Responsive Ed charter schools. But, the
negative effect on math for suburban students is very large (see Figure 48).
Growth in reading for all classes of students attending Responsive Ed charter
schools was significantly weaker than their TPS counterparts and the effect sizes
were medium to large.
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Figure 48: Full Effects Math and Reading Growth, Responsive Ed Suburban
Subpopulations
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Figure 49: Full Effects Math and Reading Growth, Responsive Ed Town
Subpopulations
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Figure 50: Full Effects Math and Reading Growth, Responsive Ed Rural
Subpopulations
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Summary The subpopulation analyses show that Responsive Ed has had some
success at helping ELL and especially SPED students, but Responsive Ed students in
other subpopulations generally had significantly weaker growth than their TPS
counterparts. The reader should keep in mind that this is only a single set of
analyses with one window of data which does not cover the entirety of Responsive
Education Solutions operations. That being said, the results of this study should be
considered along with results of other evaluations of Responsive Education
Solutions performance to determine if this performance is an exception or part of a
larger pattern of weak performance.
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Uncommon Schools

Overall, students attending Uncommon Schools affiliated charter schools had large,
significantly positive effects in both math and reading (see Figure 30 above).

While the overall effects on growth for students attending Uncommon Schools are
significant and positive, it is important to also examine the results by
subpopulation. The intent of these analyses is to determine if Uncommon Schools
has differential effects on student academic growth based on student
characteristics.

Categorical Subpopulations Figures 51 - 53 show the impact of attending an
Uncommon Schools affiliated charter school on student growth for student
subpopulations. The comparison group for the first three analyses was average TPS
students.

Figure 51: Full Effects Math and Reading Growth, Uncommon Schools Poverty
Subpopulation
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Attending an Uncommon School had significant positive effects in both math and
reading for students in poverty. Further, the positive effects in both math and
reading are large enough that they completely cancel out the negative effect
associated with being a student in poverty. In other words, poverty students who
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attend Uncommon Schools on average grow as much or more than non-poverty
students attending TPS schools.

Figure 52: Full Effects Math and Reading Growth, Uncommon Schools ELL
Subpopulation
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The results for ELL students are also significant and positive. The effects in math
and for reading for ELL students are the largest found in this study. The effect in
reading was almost 1/3 of a standard deviation. As with students in poverty, ELL
students attending Uncommon Schools charters have growth which is larger than
that of non-ELL TPS students.
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Figure 53: Full Effects Math and Reading Growth, Uncommon Schools SPED
Subpopulation
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The effects for SPED students attending Uncommon Schools charters are also
positive significant and extremely large. These effects are almost as large as the
negative effects associated with being a SPED student. The effect of attending an
Uncommon Schools charter for SPED students are 10 times larger than the effect
from attending non-Uncommon Schools charter schools as compared to TPS for
SPED students.

Because the effects for all three subpopulations above are significant and positive,
it can be said that on average students in poverty, ELL students, and SPED
students benefit from attending Uncommon Schools affiliated charter schools rather
than attending TPS schools.

Racial /7 Ethnic Subpopulations It is also important to analyze the effectiveness
of Uncommon Schools charters by their impact on students of different racial and
ethnic backgrounds. Specifically, we wish to determine if attending an Uncommon
Schools affiliated charter school has different effects based on whether the student
is white, black, or Hispanic. Figures 54 - 56 display the results for the racial/ethnic
subgroup analysis. In this analysis, the comparison group was white TPS students.
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Figure 54: Full Effects Math and Reading Growth, Uncommon Schools White
Students
0.12 ETPS
0.09 non-Uncommon Charter Math
0.06 Uncommon Math
0.06 B non-Uncommon Charter
0.03 : Read
0.00 0.00 - -
0.00 Uncommon Charter Read
-0.03 -0.01** White §tudents
attending
-0.06 Uncommon
-0.09 Schools have
stronger growth
-0.12 than TSP white
_0.15 students.
-0.18
Math Read

The effects on growth for white students were positive but not significant in both

subjects.

This means we cannot say with statistical certainty that there were any

differences between the performance of white students attending Uncommon
Schools and white students attending TPS.

Figure 55: Full Effects Math and Reading Growth, Uncommon Schools Black
Students
0.12 mTPS
0.09 non-Uncommon Charter Math
0.06 Uncommon Math
W non-Uncommon Charter
0.03 Read
0.01** B Uncommon Charter Read
0.00
Black students
-0.03 attending
Uncommon
-0.06 Schools have
-0.09 stronger growth
than black TPS
-0.12 students and in
math stronger
-0.15 growth than white
-0.18 TPS students.
Math Read
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Figure 56: Full Effects Math and Reading Growth, Uncommon Schools Hispanic
Students
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-0.18
Math Read

The effects for black and Hispanic students attending an Uncommon School were
both significant and positive. The results for black students are most critical as
black students comprise 71 percent of the enrollment in Uncommon Schools. The
values were large enough to overcome the racial gap for black students in math
and for Hispanic students in both math and reading. This means with the exception
of black students in reading that on average minority students attending
Uncommon Schools charters had stronger growth than white TPS students.

Urbanicity
Since all of the Uncommon Schools students in our sample attended schools in an
urban setting, we were unable to conduct a subpopulation analysis by urbanicity.

Summary All the overall and subpopulation effects associated with attending
Uncommon Schools were positive and all but two were significant. Uncommon
Schools had the largest overall effects of all the super-network organizations which
we examined. Further, Uncommon Schools had the strongest growth of all super-
networks in 10 out of 12 subpopulation/subject combinations served by Uncommon
Schools. These results stand in good stead for the performance of Uncommon
Schools.
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White Hat

Overall, students attending White Hat affiliated charter schools had a significant
negative effect in math but significant positive effect in reading (see Figure 30
above).

The overall effects on growth for students attending White Hat schools are mixed, it
is therefore critical to also examine the results by subpopulation. The intent of
these analyses is to determine if White Hat has differential effects on student
academic growth based on student characteristics.

Categorical Subpopulations Figures 57 - 59 show the impact of attending a
White Hat affiliated charter school on student growth for students based on their
characteristics. The comparison group for this analysis was average TPS students.

Figure 57: Full Effects Math and Reading Growth, White Hat Schools Poverty
Students

0.05 ETPS
non-White Hat Charter Math
0.00 White Hat Math
W non-White Hat Charter
-0.05 Read
B White Hat Charter Read
-0.10 -0.12**
White Hat's
_0.15 results with
students in
poverty were
-0.20 mixed. Better
than TPS is
-0.25 reading, but
worse in math.
-0.30
Math Read

Students in poverty attending a White Hat school have significant negative effects
in math and a significant positive effect in reading compared to TPS students in
poverty. While both these effects are significant, they are also small. This is
consistent with the overall White Hat impacts.
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Figure 58: Full Effects Math and Reading Growth, White Hat ELL Students
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Math Read ELL in math.
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-0.15

-0.20

-0.25

The results for ELL students are both positive, but only reading is significantly so.
The effect for math, while not significant, is positive. However, the White Hat effect
for reading is significant, positive, and extremely large. This would indicate that
White Hat ELL students have growth in reading which is stronger than the growth of
white TPS students. The extreme size of the reading effect for White Hat’'s ELL
population may be due to the smaller size of the ELL enrollment of 382 students or
just less than 2 percent of White Hat’s overall enroliment.
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Figure 59: Full Effects Math and Reading Growth, White Hat SPED Students
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Math Read

The effects for SPED students attending White Hat schools are also positive and
significant. These values are much smaller than the negative effects associated
with being a SPED student. The effect for math is small while the reading effect is
medium in size. It is fair to say that SPED students who attend White Hat schools
have stronger growth than comparable students who attend TPS schools.

Racial /7 Ethnic Subpopulations It is also important to analyze the effectiveness
of White Hat charter schools by their impact on students of different racial and
ethnic backgrounds. Specifically, we wish to determine if attending a White Hat
affiliated charter school has different effects based on whether the student is white,
black, or Hispanic. Figures 60 - 62 display the results for the racial/ethnic subgroup
analyses. In these analyses, the comparison group was white TPS students.
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Figure 60: Full Effects Math and Reading Growth, White Hat Schools White
Students
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Figure 61: Full Effects Math and Reading Growth, White Hat Black Students
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Figure 62: Full Effects Math and Reading Growth, White Hat Hispanic Students
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Hispanic White Hat
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. Math Read reading.

Students from all three racial/ethnic groups had weaker growth in math if they
enrolled in a White Hat school. The effects in math were significant for white and
Hispanic students. The math effect for black students was not significant, which
means that black students who attended White Hat schools had growth which was
not different from that of the TPS black students.

The effects in reading were significant for all three groups, but again results were
mixed. For white students, the effect was medium sized, significant, and negative.
The effects on reading growth for black students and Hispanic students were both
significant and positive. The effect in reading for Hispanic students was of
particular interest since it was larger than the negative effect associated with being
a Hispanic student. This positive effect in reading for Hispanic students is likely
being driven by the strong growth among White Hat’'s ELL population. Hispanic
students make up only 10 percent of White Hat’s enrollment.

Urbanicity The final subpopulation analysis we conducted was to evaluate growth
by urbanicity. Figures 63 — 66 include the impact on growth for each urbanicity
category. As above, the urbanicity categories used are the Locale codes defined by
the National Center for Educational Statistics. The comparison group was suburban
TPS students.
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Figure 63: Full Effects Math and Reading Growth, White Hat Urban Students
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Figure 64: Full Effects Math and Reading Growth, White Hat Suburban Students
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-0.16 Unfortuneately, only
-0.20 6% of White Hat's
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Math Read suburban students.

With the exception of urban and suburban students in reading, all other groups by
urbanicity in this analysis had significant negative effects from attending White Hat
affiliated charter schools. All other White Hat students performed lower than their
counterparts in both the TPS and non-White Hat charter schools. In math, the
effects were negative for urban, town, and rural students and all were significant.
The effect size for town and rural students were extremely large.
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Figure 65: Full Effects Math and Reading Growth, White Hat Town Students
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Figure 66: Full Effects Math and Reading Growth, White Hat Rural Students
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The reading results for town and rural students were also significant, negative, and
large. Only urban and suburban students had positive effects on growth and only
in reading. Results for both urban and suburban were significant. The fact that the
effects for town and rural students in both subjects were so large and negative
suggests those students are particularly poorly served by attending White Hat
schools; however, those students make up only 5 percent of White Hat's
enrollment. Likewise, the one group with which White Hat was particularly
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successful suburban reading only accounts for 6 percent of White Hat’'s enroliment.
In that context, these extreme numbers have less impact than they might
otherwise appear.

Summary of Findings from Super-Network Analysis The subpopulation
analyses show that attending a White Hat school greatly decreased the academic
growth of town and rural students in both math and reading but also that these
subpopulations were a very small portion of the students enrolled in White Hat
schools. While Hispanic and ELL students had small positive growth in reading,
these subpopulations made up a small portion of White Hat’s enrollment. The only
White Hat subpopulation with strong growth was suburban students in reading.
These mixed findings are difficult to interpret as they seem to be primarily affecting
student subpopulations with small enrollment numbers. This is not to say that
results for those students should be ignored, but the majority of White Hat's
students, black urban students, had overall negative growth from attending White
Hat schools.
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